
p j

Scribe and prejudice?
Exploring the use of AI transcription tools in social care

Social and Economic Policy

February 2026

Report

Oliver Bruff, Lara Groves
Ada Lovelace Institute

https://www.adalovelaceinstitute.org/pdf/33783/?timestamp=1770897755/
https://www.adalovelaceinstitute.org/pdf/33783/?timestamp=1770897755/


Scribe and prejudice? 2

Contents

3 How to read this paper

5 Executive summary

12 Introduction

18 Methodology

21 The AI technologies in scope

23 Research insights

66 Recommendations

75 Conclusion

76 Acknowledgements

87 About the Ada Lovelace Institute



Scribe and prejudice? 3

How to read this paper

If you are a part of a technical team responsible for procuring or implementing AI
transcription tools in social care, read:

If you are a policymaker and you are interested in different approaches to the
adoption of AI transcription tools across local authorities, read:

If you are a policymaker or digital services lead at a local authority interested in
safeguards and guidance for the use of AI transcription tools in social care, read:

‘Insight 2’ for an analysis of existing approaches to evaluation

‘Recommendations’ to see how approaches to the adoption and evaluation of AI
transcription tools could be improved.

‘Executive summary’ for an overview of these technologies, our findings and our
recommendations relating to the possible risks and benefits in social care
contexts

‘Introduction’ for a discussion of social care and the incentives that drive social
workers and local authorities to adopt AI transcription tools

‘Insight 1’ for a discussion of local authorities’ different approaches to the
implementation of AI transcription tools in social care

‘Insight 3’ for evidence of the different ways social workers use and benefit from
AI transcription tools.

‘Executive summary’ for an overview of our findings on how social workers and
local authorities are attempting to use AI transcription tools safely

‘Insight 4’ for an analysis of current safeguards against harm from AI
transcription tools and the complexity of ‘human in the loop’ approaches in
frontline contexts

‘Insight 5’ for a discussion of the inconsistent guidance and governance relating
to AI transcription tools among different public bodies involved in social care
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If you are a frontline worker who is using an AI transcription tool and interested in
the broader context in which these tools impact your work, read:

‘Recommendations’ to see how to improve existing safeguards, guidance and
regulation, and to prevent harms stemming from social workers’ use of AI
transcription tools.

‘Introduction’ for a discussion of the adoption of AI transcription tools across the
public sector and the potential challenges this creates

‘Insight 2’ for a discussion of how different local authorities implement AI
transcription tools in social care contexts

‘Insight 4’ for an analysis of how different social workers approach the risk of AI-
generated inaccuracies occurring in care records

‘What is an AI transcription tool?’ , our explainer published alongside this report,
for an overview of AI transcription tools and the technologies that power them.

1
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Executive summary

The UK government is making a bet on AI’s potential to transform the public
sector. This ambition is reflected in the rapid rollout of AI systems in government
and frontline delivery contexts, such as healthcare and policing. The stakes for this
commitment are high. Previous research by the Ada Lovelace Institute has found
that people want AI systems in these critical contexts to be governed to robust
standards of safety, accountability and transparency.  Advancing these standards
will help demonstrate a commitment to trustworthiness and better enable people
and society to leverage the benefits of AI.

A technology of recent interest is AI transcription, which the government is
recommending for use in critical frontline sectors with a high degree of information
transfer, such as social care and healthcare. In 2025, we conducted qualitative
research exploring the dynamics of adoption and the impacts of AI transcription
tools in adult and children’s social care across 17 local authorities in England and
Scotland.

AI transcription tools turn spoken audio into written text to support note-taking
and the documentation of conversations, meetings and interviews. They are
powered by foundation models, which provide the capability to summarise and
transcribe large amounts of audio and text with a higher degree of accuracy than
previous generations of transcription technologies.

These tools are being rapidly adopted in frontline public services to automate the
production of official documents that historically carry a high administrative
burden for workers, such as patient records in healthcare and witness statements
in policing. The take-up of AI transcription tools has been particularly significant in
social care, where social workers use them to support the recording of interactions
with, and decisions about, people who draw on care.

In early 2025, one AI transcription tool was already in active use by 85 local
authorities for social care.  The potential of AI transcription tools to help complete
administrative work more efficiently and with fewer resources makes these tools
an attractive solution for local authorities struggling with resource challenges and
for social workers who face extensive documentation requirements in their work.

2
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To date, there is only emerging evidence on the impact of AI transcription tools in
public sector settings, which provides an incomplete picture. The rapid
deployment of these technologies in resource-scarce public sector bodies raises
questions about the extent to which their use can be effectively monitored and
evaluated. At this juncture, coordinated research and policy responses between
government, local authorities and researchers will help build public confidence in
the use of AI transcription tools and support their safe adoption in frontline
contexts.

Though these tools demonstrate promise for supporting workers with
administrative tasks,  they introduce risks such as bias and hallucination that are
part of all generative AI systems.  These risks have implications for documentation
and decision-making generated with the support of AI. At present, social workers
are fully accountable for their records and professional judgements regarding an
adult, child or family who draw on their care. Any AI-produced inaccuracies that
enter these records may have far-reaching impacts, such as a social worker
making an incorrect decision about a child’s care, which could lead to harm for the
child and professional consequences for the social worker.

As a result, it is important to consider whether there is a sufficient ‘human in the
loop’ – the process of a person reviewing and potentially revising material created
wholly or in part by AI. More critically, the use of AI transcription tools in frontline
public service contexts could place people who rely on these services at risk of AI-
related harms, such as discrimination and exacerbating existing inequalities.

The lack of grounded evidence and systematic evaluations on AI transcription
tools means that public servants and policymakers do not yet have a robust
understanding of how the use of AI transcription tools changes the risk profile that
people are exposed to in the social care system.

Our evidence shows that social workers see considerable opportunities for the use
of AI transcription tools to positively change their care work and the social care
system as a whole. They report readily observable time savings in producing
documentation like care records. Our evidence shows these tools can also
improve relational aspects of care work and the quality of information recorded by
social workers.

However, we also find areas that require careful attention for these technologies to
be used effectively and safely in social work (and in other domains). Policymakers
and practitioners should take notice that:

4
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Between March and October 2025, we interviewed 39 social workers across 17
local authorities with experience of using AI transcription tools, as well senior staff
members involved in procuring and evaluating them. Our interviews revealed how
AI transcription tools have impacted social workers’ care work; approaches to
monitoring and correcting AI-generated documents; and methods for evaluating
the efficacy and impact of AI transcription tools.

This evidence informs our insights, which are relevant for policymakers, social care
practitioners and senior managers at public sector bodies who are considering the
use of AI transcription tools. The implications of our findings are also relevant for
other applications of foundation models and for public sector contexts outside of
social care.

Ultimately, the insights demonstrate that the use of AI technologies to create
efficiency savings in the delivery of public services requires continuous monitoring
and evaluation, alongside context-specific guidelines and safeguards, to protect
the workers that use these tools and the people who draw on public services.

It is unclear how much oversight is needed to review the outputs of AI
transcription tools (the ‘human in the loop’) and to evaluate how well they work.
This needs further empirical exploration.

1.

AI transcription tools can significantly reduce the time spent on administrative
tasks. Any efficiency gains should not compromise high standards of quality
and fairness in critical decision-making.

2.

Current uses of AI transcription tools risk harmful hallucinations and
misrepresentations of people’s experiences to be entered into statutory care
records.

3.

The use of AI transcription tools challenges existing accountability structures
in social care. Social workers are currently responsible for the additional work
of ensuring the accuracy and quality of outputs.

4.

Safeguards on the use of AI transcription tools in social care are inconsistent
across and within local authorities, with no consensus on the contexts where
these tools pose unacceptable risks and should not be used.

5.

There is very little evidence on how AI transcription tools impact the
experiences and outcomes of people who draw on care. Our evidence
suggests that these tools can lead to harm in some instances.

6.
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Insights

The main body of our report is structured around the following insights:

Insight 1: Resource constraints in social care are inspiring widespread
piloting, adoption and evaluation of AI transcription tools. Local authorities
are adopting AI transcription tools to alleviate significant resourcing challenges
in social care, such as high staff turnover. Such challenges are incentivising local
authorities to move quickly, involving light-touch pilots and sometimes pared-
down procurement processes, which has implications for evidence gathering
and evaluation.

Insight 2: Local authorities focus their evaluations on efficiency over the
impact on people. Local authorities across England and Scotland are using AI
transcription tools with only emerging evidence of their impact on care
outcomes or the social care profession. Given the resource challenges faced by
local authorities, additional support from researchers and government is
needed to build the evidence base.

Insight 3: Almost all social workers report that using AI transcription tools
brings meaningful benefits to their work, but they do not experience these
benefits uniformly. Social workers do not always experience the full extent of
the benefits of AI transcription tools. For example, while some social workers
report efficiency improvements, some find that the additional work required to
review AI-generated outputs or processes and workflows specific to their local
authority prevents them from saving time with AI transcription tools.

Insight 4: Social workers assume full responsibility for AI transcription tools,
but perceptions of the tool’s reliability, accuracy and ‘human in the loop’ vary
significantly. The use of AI transcription tools to generate documents creates
new mechanisms for people’s experiences to be misrepresented in official
records. Some social workers observed instances where AI-generated
misrepresentations could directly lead to harm. Other social workers were less
aware of possible AI risks. This creates inconsistencies in the oversight and
evaluation of AI-generated documents.

Insight 5: There is no consensus on when it is appropriate to use AI
transcription tools in social care. Local authorities have different red lines
about where AI transcription tools create excessive risks, as do other public
bodies that support social care. Some have banned the use of the tools in
statutory contexts, such as for creating Care Act assessments, while others are
happy to proceed. In the absence of consensus, individual social workers are
making decisions about when it is safe to use AI transcription tools (particularly
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Recommendations

Recommendation 1: The UK government should require that
local authorities record their use of AI transcription tools through
the Algorithmic Transparency Reporting Standard

Those involved in decision-making about a person’s care need to understand
where AI has been used to generate records, but it is impossible for decision-
makers to reliably identify AI-generated evidence. The UK government should
mandate local authorities to report their use of AI transcription tools by extending
the mandate of the Algorithmic Transparency Recording Standard, along with
developing new mechanisms, such as mandatory ‘watermarks’, to make it clear to
decision-makers when individual care records have been produced using AI.

Recommendation 2: The UK government should extend its pilots
of AI transcription tools to include various locations and public
sector contexts

The UK government should make funding available for additional pilots of AI
transcription tools to capitalise on local authorities’ rapid adoption of these
technologies. In particular, the government could coordinate pilots across multiple
sites and encourage diverse methods of evidence gathering, particularly through
qualitative methods.

Recommendation 3: The UK government should set up a What
Works Centre for AI in Public Services to generate and
synthesise learnings from pilots and evaluations

To address the evidence gaps highlighted in this report, the UK government should
commit to establishing a What Works Centre for AI in Public Services. Such a
centre would support the safe adoption of AI in the public sector by disseminating
existing research to local authorities, supporting the generation of new evidence
and establishing best practice for the evaluation of AI tools.

when they are not taking part in an approved pilot of the technology and instead
experiment on their own).
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Recommendation 4: A coalition of researchers, policymakers,
civil society and community groups should collaborate on
research on the systemic impacts of AI transcription tools

Further evidence gathering will be critical to monitor long-term, systemic impacts
of AI transcription tools in social care and other public services. Broad
collaboration across academia, civil society and policy will be required to achieve
this ambition and research funders should ring-fence funding to facilitate this
collaboration.

Recommendation 5: Social care regulators and local authorities
should work with other sectoral bodies to produce guidance for
the use of AI transcription tools in statutory processes and
formal proceedings, with clear accountability structures

To enable end-to-end accountability, regulators and professional bodies should
review and revise rules and guidance on professional ethics for social workers and
support social workers to collaborate with legal and advisory bodies around
procedures for AI use in formal proceedings. An advisory board comprised of
people with lived experience of drawing on care should be established to inform
these actions.

Recommendation 6: The UK government should create and
disseminate context-specific evidence about the contribution of
AI to cost savings and productivity

Our insights demonstrate that the impact of AI transcription tools will vary across
contexts and populations. By extension, the UK government should recognise the
limits of extrapolating evidence on AI productivity across contexts. Granular
evaluations making use of qualitative methodologies will generate more robust
evidence and bring metrics beyond cost savings, such as workers’ wellbeing, into
focus.

Recommendation 7: Local authorities should specify their theory
of change when procuring AI transcription tools to ensure a
shared understanding among staff and users

Local authorities should adopt clear strategies of communication that designate
ethical responsibility and set out a mission statement behind the intent to procure,
pilot and adopt AI transcription tools, to facilitate transparency and inspire
trustworthiness.
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Introduction

Public sector organisations are introducing AI transcription tools in frontline
contexts where public servants frequently make critical decisions about people’s
lives. In many cases, organisations are introducing transcription tools in a context
of resource constraints where frontline workers produce significant amounts of
administrative documents about people to inform decision-making.

These tools are particularly prevalent in social care, healthcare and the justice
system.  Ninety-eight per cent of GPs now have access to an AI transcription tool
through the Accurx digital healthcare platform.  Over 100 local authorities are
using Magic Notes, an AI transcription tool designed for social care contexts.

Local authorities in the UK are under significant financial pressure and face
increasing demands on the social care services that they provide. Social workers
often work overtime due to resource constraints and there is a significant backlog
of people with care needs who are not supported by the social care sector.

In this context, AI transcription tools – AI-driven tools that can record, transcribe
and summarise audio, such as meetings and conversations – are an opportunity to
increase the efficiency of social care services by automating the production of
official records. Social work is a highly relational profession that requires dynamic
care for individuals and families, but social workers spend the majority of their
working time on writing and reviewing official records, such as assessments of
people’s care needs and plans to deliver care to people who require it.

The potential for AI transcription tools to support social workers to complete this
administrative work at a greater speed means that public sector organisations are
considering whether these tools may be a contributing solution to the social care
sector’s resource constraints.

As discussed in our explainer on these tools,  the latest AI transcription tools use
two foundation models to automatically generate transcripts of recorded
conversations and summarise these in the different formats necessary for official
documents. There is some evidence that these tools can reduce the amount of
time that frontline workers spend completing administrative tasks. For example,
one study of an AI transcription tool used in hospitals, cited in the UK government’s
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10 Year Health Plan for England, found that the tool ‘reduced the time spent on
paperwork by 51.7% and allowed each doctor to treat 13.4% more patients during a
shift.’

Like all AI technologies, AI transcription tools are sociotechnical, meaning that
they influence and are influenced by the surrounding social context in which they
are used. Our previous research into the use of AI technologies in the public sector
shows that these interactions can be significant and influence public acceptability
of new technologies.

It is therefore important to understand how AI transcription tools interact with the
sensitive social systems into which they are integrated. As AI transcription tools
are a form of generative AI, they also introduce specific kinds of technical risks to
the documentation produced, such as hallucinations.

An evidence base is emerging to respond to the rapid adoption of AI transcription
tools in social care.     However, some gaps remain.

First, it is currently unclear whether efficiency savings observed in individual
studies of these tools are generalisable across different contexts in the public
sector, or if efficiencies translate to increased productivity. One evaluation of
Microsoft Copilot in the UK government’s Department for Business and Trade
found that one of the most common use cases for Copilot was ‘transcribing or
summarising a meeting’, which on average returned a time saving of 0.7 hours per
task. This result is promising, but the study cautioned that the results do not offer
‘robust evidence to suggest that time savings are leading to improved
productivity’.  The Department for Work and Pensions’ own evaluation of Copilot
found that participants were better able to translate time savings to ‘higher value’
tasks such as strategic planning. Further research will support policymakers to
make confident conclusions about how potential time savings are used, and to
what effect.

Similarly, a pilot of the AI transcription tool ‘ADA’ (Anathem Digital Assistant), for
use by police officers to generate witness statements at Hertfordshire
Constabulary, found that while time was saved generating documentation, this was
offset by the time taken to check the documentation for hallucinations.  The
evaluation also suggests that the introduction of AI may require additional
oversight at the point where documentation interacts with other agencies, such as
the Crown Prosecution Service, to ensure no errors are passed on.
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The second challenge is that there is little understanding about the broader
implications of these tools on public services and the people who rely on them. AI
transcription tools perform differently for people with characteristics that are less
represented in the data used to train the underlying foundation models. This
includes certain types of slang speech, which may be closely correlated with a
particular regional dialect or ethnicity.  Such differences in performance can
reproduce systemic inequalities and biases in the tools’ outputs. This means there
is potential for AI transcription tools to produce adverse outcomes for people in
sensitive frontline contexts.  However, there is little evidence on what these
adverse outcomes look like.

Our research contributes to efforts to address this evidence gap by studying the
use and impact of AI transcription tools in social care. The UK’s social care sector
has rapidly adopted AI transcription tools and provides a salient case study for
policymakers, practitioners and researchers who want to understand the
implications for using AI transcription tools in frontline public services.

Introducing our research

In this project, the Ada Lovelace Institute aimed to explore how AI transcription
tools are being incorporated into social work in the UK and to develop principles
for evaluating these tools more effectively. We interviewed social workers from 17
local authorities in England and Scotland who have experience of using AI
transcription tools and who work in different specialisms in both adult and
children’s social care. We also interviewed senior local authority staff members
involved in the procurement and evaluation of AI transcription tools to explore the
motivations for adopting AI transcription tools and the methods and metrics used
to evaluate them.

By focusing on the implementation of AI transcription tools in a critical frontline
profession, we aim to shed light on the emerging impacts of these technologies
and to inform policy and practice for AI adoption in the public sector.

Adult and children’s social care in the UK
Adult social care and children’s social care are two separate systems with distinct
characteristics and challenges. Adult social care is focused on supporting adults
with their daily living activities, their independence and wellbeing. Children’s social
care is primarily focused on safeguarding and promoting the welfare of children
and their families.

22
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However, in recent years, sector challenges have led to the prioritisation of
services that deliver core statutory duties rather than the more discretionary
support offered in previous years. This means that interactions between children,
families and social services are less likely to include meetings that build
relationships or support a child to understand their life story through care, and
more likely to focus on delivering legally required outputs such as care reviews.
There are common factors in both adult and children’s social care that present
potential incentives for the wide adoption of AI transcription tools.

First, real-terms cuts to social care expenditure between 2009 and 2015 reduced
local authorities’ budgets and although real-terms spending has increased in
recent years,  significant backlogs remain, meaning many people are not
receiving the care they need.

As a result of increasing demand for services and the rising costs of employing
social workers, local authorities are also increasingly spending more than their
allocated budgets for social care, which is pushing some local authorities towards
insolvency.

Resource constraints and funding cuts also have a significant impact on social
workers themselves. Social workers’ salaries are lower than comparable
professions and in recent years have grown at a slower rate.  Social workers
across adult and children’s social care also face poor working conditions and high
levels of stress and burnout due to intense workloads and pressures on the social
care system.

Second, documentation is an integral component of social care but also a time-
consuming one. Social workers produce documents to record meetings and set
out plans for a person’s care, which are then reviewed and discussed with other
social workers or public sector agencies. These documentation requirements are
so extensive that social workers spend the majority of their time note-taking,
writing and reviewing documents.

At the same time, drafting documentation is also valuable for social workers to
hone their own professional judgement and practice. This documentation is
essential as it enables social workers to evidence their decisions and supports
people to understand decisions that are made about them and seek redress if
things go wrong.
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Additionally, the social care sector struggles with staff shortages and staff
retention. The turnover rate for social workers in 2024 was 12.8 per cent for adult
social care  and 13.8 per cent for children’s social care.  The time that social
workers spend documenting their interactions and other back-end administrative
work, is the most significant factor causing social workers to consider leaving the
profession.

The regulation and regulatory structures in social care may also be a contributing
factor to the sector’s rapid adoption of AI transcription tools. At present, there is
no dedicated regulator of digital tools used in social care settings; all adoption of
digital technologies will fall under the Care Quality Commission (England) and Care
Inspectorate (Scotland) remits to regulate social care delivery.

This can be compared to the healthcare sector, where the Medicines and
Healthcare products Regulatory Agency (MHRA) regulates many digital devices
used in healthcare. AI transcription tools (sometimes referred to as ‘ambient voice
technologies’ or ‘ambient scribes’ in the sector) are currently classified as Class I
medical devices by the MHRA.  The same tool used in social care would receive
no such rating.

The above challenges for the sector are resulting in significant operational
constraints and underscore some of the incentives for local authorities and social
care providers to consider automation or digital technology adoption to ease
resources.

Previous adoptions of digital technologies by social
workers
Given the pressures on social workers, automating some documentation
processes could have a significant impact on the sector, particularly for people
who determine access to provision and who draw on care services. However,
previous adoptions of digital technologies show that new technologies can create
unintended consequences and have broad implications in social care contexts.

Maintaining effective relationships with people is a fundamental aspect of social
workers’ care work and can lead to improved care outcomes.  Research shows
that the use of digital communication technologies can have varying impacts on
these relationships. In some instances, digital communication can be empowering
for people accessing social care, by giving them control over how they
communicate with social workers.
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However, new forms of communication can also alter the power dynamics and
boundaries in a relationship, as well as impose time and format constraints on
communication. This risks further exacerbating structural inequalities and the
disempowerment experienced by many who draw on care.

The implications of using new technologies for care outcomes also depend on how
individual social workers use them. Research on the use of algorithmic decision-
making tools (ADTs) in children’s social care shows that how social workers use the
outputs of these tools can be different, according to their own cognitive load,
biases and understanding of the technology.

Similarly, the successful adoption of new technologies in social care depends on
who is involved in the design and implementation. Our research into the use of an
ADT in a London local authority found that social workers were unclear about how
the technology functioned and the reasons why their local authority was using it,
which undermined trust in the tool and made it less useful.

Moreover, studies of the use of digital technologies in social care show that without
meaningful involvement from care practitioners in the design of these systems,
such systems can be challenging to use and lead to information being lost or
mismanaged.

Incorporating new technologies into social care systems can have unintended
consequences and the above context provides important considerations for the
introduction of AI transcription tools into social work. Social workers understand
how new technologies change the nature of their care work in different contexts
and will be some of the first people to identify any challenges they pose to care
outcomes or to social care as a profession. As a result, we designed our research
methodology to incorporate and amplify the opinions and experiences of social
workers as much as possible.
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Methodology

This study had two specific aims: to create evidence about how the use of AI
transcription tools changes social workers’ care work; and to document
approaches to the evaluation of AI transcription tools in social care settings across
different local authorities.

Our five research questions:

To answer these questions, we conducted a total of 39 semi-structured interviews
from March to October 2025. We interviewed social care professionals who have
used AI transcription tools (and are employed by local authorities, not agencies)
and senior local authority staff members involved in the procurement and
evaluation of AI transcription tools at local authorities, who we refer to as
‘managers’ in the report.  The managers’ roles included terms like digital
transformation, service delivery and IT management.

We also interviewed one expert in natural language processing (NLP) and experts
in the design and evaluation of AI transcription tools employed by AI transcription
tool vendors – one employed by Beam and three employed by The Access Group,
a software vendor to local authorities’ social care teams, who we interviewed
collectively.

Beam, The Access Group and another tool vendor, Microsoft, are named
throughout the report, but only where it is pertinent to do so. For example, they are

How are social workers using AI transcription tools?

How have social workers adapted their care work to accommodate AI
transcription tools?

Why are local authorities adopting these tools in social care and what are their
metrics of success?

How are local authorities currently evaluating these tools in social work?

What should the core principles of an evaluation framework for AI transcription
tools in social work be?
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named in the discussion comparing capabilities of general-purpose tools (such as
Microsoft’s Copilot) and a narrow, domain-specific generative AI tool designed for
social work (Beam’s Magic Notes). We have also reproduced details about tools
and vendors shared with us in interviews that have a basis in fact, but details about
personal or organisational experiences or opinions of tools or vendors have been
obscured.

We recruited social workers for our interviews through two processes. One,
through snowball recruitment via direct engagement with local authorities, and
two, through a recruitment agency, to include social workers from a wider range of
local authorities.

In total, we interviewed 29 social workers from 14 English local authorities and
three Scottish local authorities. Sixteen social workers worked in children’s social
care and 13 worked in adult social care. The majority of interviewees were
employed by local authorities in metropolitan areas, including some London
boroughs, with rural local authorities less represented in our study.

We use ‘social workers’ to describe all the frontline social care professionals who
participated in our interviews. However, some interviewees worked in roles under
the banner of social care but with a particular specialism. For example, we spoke to
one occupational therapist. The social workers we interviewed had a range of
experience, from less than five years up to 29 years.

Using transcripts of the interviews, we applied thematic analysis to code the
interviews according to common topics and themes. From this analysis, we
developed the five insights presented in this report.

Our insights may not be generalisable to all local authorities or reflect the
experience of all social workers across the UK. Social care provision and regulation
differ significantly between Scotland and England, because each is governed by a
different regulator. While our insights were similar across Scottish and English local
authorities, it is important to note that our interview sample was skewed towards
England. Our interview recruitment rounds did not surface any local authority staff
from Wales or Northern Ireland.

We re-emphasise that our research is qualitative and centred on reported
attitudes and experiences with AI transcription tools. We did not conduct a formal
technical evaluation of any tool or use any experimental methodologies in this
study, such as systematically comparing accuracy of AI-produced transcripts.
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Finally, we did not speak to people who draw on care or any care-experienced
people about their experience of, or attitudes towards, AI transcription tools.
Existing research, such as quantitative studies of public attitudes towards AI
transcription tools in social care  and deliberative research with care-
experienced people,  shows that people are receptive to the idea of AI
transcription tools in social care when social workers use them with appropriate
oversight and safeguards. Further research with people who access social care
that examines the evolving impacts of AI transcription tools, and approaches to
their implementation in care settings, remains critical.
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The AI technologies in scope

We invited our interviewees to share their experiences with AI transcription tools, a
broad group of technologies that have transcription and summarisation
capabilities used for tasks such as recording and note-taking in meetings (in
frontline and back-end work). These technologies may also be referred to as ‘AI
scribes’, ‘ambient scribes’ or ‘ambient voice technologies’.  A detailed explanation
of the technical features of AI transcription tools and their risks and benefits can
be found in our dedicated explainer on this topic.

It is important to emphasise that AI transcription tools are different from previous
generations of transcription technologies. Specifically, AI transcription tools are
powered by two types of foundation model. These foundation models are trained
on extremely large datasets of recorded speech and written text.

The first type of foundation model, called an automated speech recognition (ASR)
model, can create a written transcript of a conversation. The second type of
foundation model, a large language model (LLM), is the kind of model that
underpins popular AI tools like ChatGPT and can reproduce written text in new
formats and structures.

The use of ASR models and LLMs to power AI transcription tools has three
advantages over previous generations of transcription tools: they are more
accurate, they can create automatic summaries of transcribed text and they
include a natural-language interface for users to edit transcripts and summaries.

However, like all systems built from foundation models, there are risks of bias and
fabricated text (hallucinations). AI transcription tools may also bring other
systemic risks to some contexts, such as contributing to workplace deskilling.

These new features of AI transcription tools have contributed to their rapid
adoption across the UK public sector, beyond social care.

In this report, the term ‘AI transcription tools’ refers to AI tools built specifically for
the purpose of transcribing and summarising, as well as more general-purpose
generative AI systems (such as ChatGPT) that have a broader range of
capabilities, which include transcription and summarisation.
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The majority of our interviewees either designed or participated in a local
authority-led pilot using Beam’s Magic Notes. Magic Notes is an AI transcription
tool designed specifically for application in social care. As we set out in our
‘Methodology’ section, some social worker interviewees were recruited directly
instead of through their employing local authority.

The majority of these interviewees reported using Microsoft Copilot, which is a
generative AI tool designed for general-purpose use, with a broader set of
capabilities beyond transcription and summarisation, such as dictation, language
translation or image-generation capabilities.

Among the social worker participants, 12 used Magic Notes, 12 used Copilot, two
used both Magic Notes and Copilot, one used Copilot and ChatGPT and one used
Copilot and a non-AI speech recognition software, Dragon NaturallySpeaking.

It is important to note that even though these tools all enable transcription, and
they are likely to be built from the same foundation models, they are not precisely
‘like-for-like’.  Application-specific tools like Magic Notes have been fine-tuned with
specific safety features and language capabilities that make them capable for use
in social care. A general-purpose system will be designed to work effectively for
the greatest number of people, which may mean they do not respond as well to
domain-specific language or tasks.

As we state in our ‘Methodology’ section, we present analysis or quotes that
feature a named tool where it is pertinent to refer to the named tool’s outputs or
capabilities specifically. Otherwise, we group all tools under ‘AI transcription tools’.

As we are led by the material from our interviews, we do not capture or report on
the full range of AI transcription tools currently on the market and in active use in
social care in the UK. Social workers in local authorities that were not included in
our research may use other AI transcription tools. Examples include Minute,
developed by the UK government’s Incubator for AI (i.AI).
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Research insights

Our interviews with social workers, managers and transcription tool experts reveal
a diversity of attitudes to, and experiences with, AI transcription tools. Our insights
highlight some of the incentives for adoption, the impacts of these technologies on
social workers and the wider implications for policy.

The five insights below detail the key themes from our interviews. They show that
AI transcription tools can meaningfully improve social workers’ care work, but
social workers experience the benefits of these tools unevenly. Managing the risk
of inaccuracies in care records also creates additional responsibilities for social
workers, which they sometimes struggle to fulfil.

Moreover, local authorities’ need for efficiency savings means they conduct
evaluations quickly, with a focus on productivity metrics, such that there is little
understanding of the downstream implications of AI transcription tools for social
workers or people who draw on care.

Insight 1: Resource constraints in social care are inspiring
widespread piloting, adoption and evaluation of AI
transcription tools
Local authority budget cuts, high staff turnover and other systemic challenges in
the social care sector present clear-cut incentives for local authorities to innovate
through new technologies. It is unsurprising that our insights very clearly
correspond with this picture and below we shed light on the reasons why local
authorities across England and Scotland are piloting AI transcription tools.

Most local authorities pilot AI transcription tools to alleviate
resource constraints, but some are motivated by their
reputation as ‘innovators’

We asked digital and delivery leads in local authorities (‘managers’) with
responsibility for piloting AI transcription tools whether they had a theory of
change that motivated their actions and decisions. Resoundingly, managers
reported that they believe introducing AI into certain processes or teams would
alleviate resource constraints, an attractive prospect for social care
transformation given the challenges faced by the sector.
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One manager explained how ‘everybody is struggling with resource, there’s not
enough money… so if we can make the resources more efficient and eliminate
some of that work from a person, that resource that we do have can be better
utilised to add value to a service’.

Other managers said that AI transcription tools ‘could play a huge part in easing
the burden’  on the social care sector or that ‘anything that would save
practitioners time, but also raise the floor of our social care recording would be
something really good’.

Managers shared how the profession faces such acute challenges that it would be
worth trying anything to improve the on-the-ground context for social workers. As
outlined by one manager: ‘For like 15 to 20 years now it’s been austerity, and
freezing, and [doing] more with less and all that kind of stuff, so there is always a
productivity push […] if there is a potential for a new technology or new way of
working or new service to provide us with efficiencies, then we have to explore
them.’

One manager felt so enthusiastic about AI that they put forward that one goal
should be to eliminate administrative paperwork entirely from a social worker’s
remit.

This ambition reflects many of the common complaints described by social
workers about the most arduous elements of the profession. One social worker
said: ‘I think all of us feel like we do too much paperwork, I can see the value of
everything that we record, but there’s a lot of repetition […] I think AI has got a big
part to play in helping us reduce that.’

In this study, our initial pool of interviewees comprised managers and social
workers undertaking pilots of AI transcription tools. These pilots were mostly of
Beam’s Magic Notes and typically involved ten to thirty social workers using the
tool for a period of two to four months, providing a small sample of social workers
to observe and gather feedback from before a wider rollout. Small-scale pilots
were felt to enable richer data gathering: ‘We did [this scope of the pilot] because it
was such a small cohort we could interview each of the people there.’

Some local authorities gathered their own data about the efficacy and impacts
from social workers, so they had additional evidence of the implications of AI
transcription tools, alongside evaluations conducted by the vendor Beam. For
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example, three local authorities gathered opinions via a feedback survey  and
one used qualitative interviews.

Some local authorities introduced a second pilot, typically to bring in participants
from a new team. Often, piloting began with adult social care before moving to
children’s social care. One local authority notably included the perspectives of
people who draw on care in their pilot:

‘We had young people who were part of the process, so their social workers were
going out and saying “we’re testing this piece of technology, will you help me?” And
we’re then sitting with them, with the transcript and saying does this reflect our
conversation? And that was really important to us because we wanted to even up
that equity of the child’s record.’ – Manager Y

Due to the acute resource challenges in the sector, many of the interviewees said
that their local authority was happy to take a bold approach to procuring and
piloting transcription tools. Typically, local authorities conduct pilots before moving
to the full procurement process. One manager explained why their local authority
had adopted an AI transcription tool without fully piloting it beforehand: ‘I think
[with AI] it’s okay to accept there isn’t expertise on this yet, that it’s all emerging
and growing and that we’re figuring it out as we go along, and that might feel a little
scary and not how we usually work as a public sector organisation.’

Managers mentioned piloting commitments such as the completion of a data
protection impact assessment (DPIA) to fulfil compliance requirements, but other
types of AI-specific or equalities impact assessments or research were less
reported.

One interviewee said they were using social work as a ‘test bed’ to see if they could
scale the adoption of these tools to other parts of the local authority:

‘I think the good thing about it is, once you’ve implemented it to the scale that we
have with social work, the process for that is like, well, where do you want to put it
next? Are there any templates that we need to modify, or can we use existing
ones? So, the process isn’t that long really to do that, and so then it can become
part of, you know, that ongoing progress.’ – Manager D

However, the relatively larger resourcing and scale of some pilots that managers
described reflect the diversity of funding different local authorities can allocate
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towards technology pilots. Some interviewees specifically highlighted successful
previous pilots and a higher degree of resource that enabled a ‘first mover
advantage’ on piloting AI transcription tools.

These local authorities tended to have teams and roles already in place, such as
ethics or evaluation groups, to support the smooth adoption of the technology. For
example, two interviewees shared the benefits of dedicated roles and teams:

‘So here in [this local authority] we pilot and test a lot, and our mantra is test loads
of things, and if they’re going to fail, let them fail quickly. And that can be difficult in

local authorities, because there’s a lot of effort in bringing together testers [and
doing] information governance. That’s why we’re lucky in me having a dedicated

role.’ – Manager Y

‘You know it’s not somebody that just does kind of bound paper exercise mapping
type stuff. This is a whole team of people that have gone on proper training of

techniques, on how to draw out benefits and understand and get under the skin of
service delivery.’ – Manager C

One manager said that their local authority was planning to pilot multiple AI
transcription tools from different vendors over a short period, to test the impacts
of each tool and make comparisons based on performance.

Another interviewee described the pressures on their local authority to take a
future-facing approach to digital technology and innovation as ‘we’re almost
preparing for a world we don’t know yet’.  This explained their impetus to adopt AI
transcription tools quickly and also highlights how innovation and efficiency goals
can support each other.

A manager at a different local authority spoke about the high degree of impact the
COVID-19 pandemic had on the authority’s tendency to adapt and innovate using
data and technology in service delivery, as services were forced to shift from in-
person to online.  They described a significant culture shift that inspired
sustained consideration of where service delivery could be supported with
technology, which inspired widespread interest in AI among senior managers.

While our research demonstrates that most local authorities adopt AI transcription
tools to ease resourcing challenges, the different capacities and institutional
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contexts within local authorities have led to pilots of AI transcription tools varying
significantly across England and Scotland.

Some local authorities with well-established and resourced evaluation teams have
been able to pilot multiple tools with different teams, before moving to official
procurement procedures for formal adoption. Others have piloted a single AI
transcription tool and adopted it quickly without significant oversight, after an
initial pilot phase, to alleviate systemic challenges in social care as soon as
possible.

These different approaches reflect a wider lack of consensus or coordination on AI
pilots  and suggest that the understanding of the impacts of AI transcription tools
and best practice approaches to governance vary significantly across the social
care sector.

Some local authorities have made generative AI available
outside of dedicated AI transcription tool pilots

As we outline in our ‘Methodology’ section, at the outset of this study we recruited
social workers from seven local authorities with publicised pilots of AI transcription
tools, predominantly of Beam’s Magic Notes.

When additional social workers recruited via an agency joined the study, we found
that many of them were using general-purpose AI tools like Copilot. These tools
were used outside of a dedicated pilot where usage is more actively directed and
monitored.

Many local authorities have long-standing licencing arrangements with large
technology providers like Microsoft, with Copilot featuring in recent licence
packages for organisational function and administrative support. Unlike Beam’s
Magic Notes, for example, Copilot has capabilities for a range of tasks and is
therefore, by default, not trained on additional context-specific data, such as social
care terminology, that might make it more effective in social care settings.

These contexts present interesting considerations for social workers’ experiences
of AI and have implications for monitoring and learning at the level of individual
local authorities. One social worker described how the generality of the Copilot
tool sometimes impeded their work and created the additional task of reviewing
outputs, particularly when summarising transcripts to create Care Act
assessments:
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‘Copilot for me is very broad, it’s not really streamed for social care. Hence [when
using it for] Care Act assessments I have to really check whether it’s giving me the
right information. So, what is needed is to get an AI that is suitable for social care
that will also fully understand the language.’ – Social worker Y

A similar problem was reported by a manager who found that Copilot’s content
filtering meant that sensitive content such as descriptions of abuse, discussed in
the context of a meeting with someone who draws on care, was filtered out
automatically.

‘Copilot stops, it won’t transcribe [detail about abuse] – rightly so, because
Microsoft’s trying to make sure it can’t be used for nefarious means. The problem is

that social workers deal with that day in, day out, and because the tool can’t
transcribe it, it creates a limitation there.’ – Manager A

Local authorities may be incentivised to opt for the introduction of an AI system
with easier integration potential. One manager explained that Copilot’s secure
Azure hosting would better integrate with their existing Microsoft products
compared to an AI transcription tool hosted by another cloud provider.  Offering
employees tools from vendors whose products they already use may inspire
confidence of similar successes.

Many social workers using Copilot without specific guidance provided by their
local authority felt they did not know who they would turn to if something went
wrong. One social worker, who discovered they could access AI transcription tools
independently through their local authority’s Copilot subscription, said that
management did not communicate this update to staff: ‘We have bi-weekly “keep
in touch” meetings with the director of children’s services, where they will come
down and speak about things that are going on within the service or new updates.
The introduction of Copilot has never come up.’

It is possible that the introduction of more general-purpose AI tools like Copilot
might present undue risk to a profession like social work. One manager put forward
that very few AI tools offer a strong level of data protection suitable for the
‘vulnerable’ data created and processed by social workers about people who draw
on care. They believed that Magic Notes met the bar, but Copilot did not.  Social
workers using both Copilot and Magic Notes reported feeling very concerned
about data protection with greater use of AI in social work.   
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Local authorities create risk to both social workers and people drawing on care
(see the insights below) due to a lack of relevant organisational mechanisms, like
training in AI or oversight of documentation, and by not communicating and
collaborating with social workers to integrate these where they do exist.

The rush to adopt can create challenges for implementing AI
transcription tools according to complex needs, often leaving
vendors with a high degree of influence over pilots and
evaluations

Even well-resourced local authorities with specially designed pilots for
transcription tools have not been immune to challenges in implementation.

One manager felt that frontline workers in their local authority had largely been
‘isolated’ from developments in the use of new technology at work to date, which
they said was likely to create ongoing challenges to rolling out AI in social work.
They suggested that increasing ’digital literacy’ among workers and other
members of staff may support smoother adoption.

Local authorities undertaking pilots leveraged a range of approaches to support
social workers with the introduction of AI transcription tools, including e-learning
modules,   webinars,  practice guides  and hands-on demos of the tool.  We
asked social workers whether they felt their local authority had offered sufficient
guidance and training to accompany the introduction of AI transcription tools,
which prompted a range of perspectives. Some social workers we spoke to said
that the training they received was too fast-paced or insufficiently explanatory.

Social workers who started using AI transcription capabilities without specific
instruction or guidance from their local authority were more likely to rely on
colleagues for support or be self-taught. One social worker explained that they
followed their line manager’s example when using an AI transcription tool and that
if ‘managers are using it then it must be okay, there’s a way of using it correctly’.

Another explained how information sharing among their colleagues was limited
and that some colleagues had more sophisticated awareness of AI transcription
tools than others: ‘A lot of people have now got the idea that you can use AI to
transcribe, but I don’t know that everybody’s got the idea you can talk to it and
improve the quality of [the output].’  To correct this, the social worker said local
authorities should think about more robust measures to support the adoption and
use of AI transcription tools:
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‘I feel like we need more policies about it. […] I do feel like we’ve gone ahead with [AI
rollout] without really knowing [about the system] […] And that’s a problem rather
than figuring it out before we let, you know, 1000 social workers go and use it.’

We also found evidence to show that the degree of relationship between local
authorities and AI transcription tool vendors has an important impact on
implementation processes. For example, local authorities conducting pilots of
Magic Notes reported Beam to be a very active vendor in the piloting and wider
implementation process, generally working very closely with social workers and
local authorities and conducting demonstrations of the product with relevant
teams. One manager said: ‘[Beam] were there all the time with the team that were
testing [Magic Notes]. […] So they didn’t shy away from being in the presence of the
people they deployed it to. They wanted to get feedback.’

Social workers reported that Beam also maintained consistent relationships with
them throughout the pilot,  including via a direct chat function through the Magic
Notes web interface.  However, social workers reported mixed levels of
satisfaction with this degree of engagement, with one social worker explaining that
responding to frequent requests for feedback was a significant demand on their
time.

Beam reports working with as many as 100 local authorities to introduce the Magic
Notes tool.  Many local authorities were particularly attracted to Magic Notes due
to Beam offering a free proof of concept for individual authorities to ensure the
technology was properly attuned to local challenges.

For example, many of the managers that we spoke to who had been involved in
procurement processes for Magic Notes highlighted how Beam worked with their
local authorities to design ‘templates’ for different kinds of social care
documentation (the specific requirements of which can vary significantly between
different authorities). Local authorities found this customisation useful, because
standardised templates often did not integrate well with their processes:

‘The out-of-the-box templates needed improvement, so that was one thing that we
did look at. You know, specifics to our locality, we’re quite a rural county, so we
needed to change things to meet the different needs of, you know, travel and

transport and things like […] we just needed to tailor it into what we needed a little
bit more and we have done since the pilot.’ – Manager Z
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Often, local authorities limited their pilots of Magic Notes to use cases where Beam
and the local authority had developed an approved template for the relevant
documentation. One manager explained how ‘it was a six-week pilot and we ran
two different templates, which was the Care Act assessment and the occupational
therapy assessment’.  Local authorities that decided to continue with Magic
Notes after the pilot then developed more templates with Beam to expand the
range of contexts in which social workers could use the tool.

However, one manager cautioned that pilots could exceed their agreed upon
boundaries and suggested a risk of ‘scope creep… in that, kind of, sense of
[vendors] making new templates for things that we don’t want them to’.

At the same time, managers told us they felt it was worth leveraging vendor
resources and expertise on AI transcription tool evaluation approaches. For
example, Beam currently conduct an evaluation for each local authority deploying
Magic Notes, which was well-received by our interviewees.

However, one manager suggested an additional evaluation led internally would be
necessary to capture their local authority’s independent conclusion, to avoid over-
reliance on the vendor’s business case. They described their process as involving
‘[our own] quality assurance work on what AI-generated case notes looked like’,
which yielded a ‘slightly less positive’ result.

The evidence above is illustrative of how even well-intentioned pilots will need to
confront the complications of on-the-ground deployment contexts. It also shows
what local authorities looking to procure AI transcription tools or other AI
technologies may experience in their relationships with vendors, highlighting the
need for robust procurement strategies.

As we describe in the ‘Implications for policymakers and practitioners’ section
below, it is important for local authorities to conduct their own evidence-gathering
processes to support evidence provided by AI vendors. This may be especially
important in the context of Magic Notes pilots, if adoption continues to advance
significantly, as Beam may find that its existing levels of engagement, research and
support to local authorities are less able to scale.

Implications for policymakers and practitioners

These insights highlight some of the potential ongoing implications for AI
transcription tool pilots, where pro-social and societal outcomes interface with
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goals like efficiency and innovation. As we have shown, many local authorities have
grand ambitions for the adoption of AI in social work. However, certain on-the-
ground contexts, such as acute resource constraints, are likely to require local
authorities to make trade-offs about the speed and scale of their piloting of AI
transcription tools.

That said, we find local authorities are generally introducing considered pilots of
emerging AI transcription tools, which is a promising indicator of responsible
adoption of AI in the public sector. It is evident from our interviews that the ‘test
and learn’ approach (that prioritises continuous monitoring and improvement) is
best practice for the adoption of AI transcription tools in social work, and many
authorities are working in this capacity already.

However, local authorities should be aware of the potential risks surrounding
shorter than usual procurement processes, along with the potential influence and
impact of vendor relationships (particularly where local authorities invest
significantly on procurement contracts).

We also suggest that local authorities act carefully when introducing AI
transcription tools for wider implementation and gather evidence from social
workers, or other intended users of the tools. This will enable a smoother and more
effective integration of AI in social care, as its use will be informed by real-world
experiences and expectations.

The automation of documentation processes in social care is likely to result in
important material benefits to social workers. We offer partial evidence that AI
may contribute to this ambition. However, it remains critical that local authorities
keep in mind the systemic impacts of AI in social care and consider other solutions
beyond technology adoption to tackling challenges in social work, particularly to
ensure that people who draw on care experience improved outcomes. As a
manager at one local authority stated:

‘My concern is that adult social care is seen as an adjunct of the NHS and
predominantly as a tool to get people out of hospital. That really is such a reductive

view of what adult social care does. That worries me, because if that’s the
perception, then AI will then be pushed towards just increasing efficiency and less
about outcomes of the individual, I’m less concerned about service outcomes. I’m

more concerned about personal outcomes for people drawing on care and
support.’ – Manager F
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Insight 2: Local authorities focus their evaluations on
efficiency over the impact on people
Local authorities adopt AI transcription tools as a solution to their significant
resource challenges, which has led to a focus on measuring efficiency savings in
their evaluations. Unsurprisingly, most evaluations measure the time that social
workers spend writing official care records or the total number of visits that they
conduct, as ways of measuring efficiency.

Some local authorities also aim to measure the impact of AI transcription tools on
the quality of official care records and social workers’ wellbeing, by incorporating
qualitative metrics through surveys and interviews into their evaluations. However,
these metrics are secondary to measures of efficiency savings.

We also found very little evidence gathering on potential systemic impacts of AI
transcription tools on the broader profession of social care, despite this being a
concern of social workers, or the experiences of people who draw on care.

The local authority managers that we spoke to were concerned about these
issues, but the rapid adoption of AI transcription tools and the difficulty of
evidencing such trends from within local authorities themselves have prevented
them from incorporating such questions into their evaluations.

Most local authorities primarily evaluate efficiency savings from
the use of AI transcription tools

As we identified in our explainer on the topic,  evaluating the suitability of AI
transcription tools may require multiple metrics to understand its utility in context.
We interviewed an expert in natural language processing (NLP) who researches
the real-world application of AI transcription tools. They explained that while most
evaluations focus on the impact of AI transcription tools on efficiency, a variety of
metrics are needed to fully understand the implications of these technologies:

‘Medical providers [in the US] are currently running RCTs [randomised controlled
trials] of these sorts of tools in hospitals. And the only metric that they’ve been

measuring is efficiency. So how many clients or patients can you see every day –
there’s no measurement whatsoever that the transcriptions are actually accurate,

and whether there is disproportionate harm to the patient in any of these
interactions.’ – NLP expert 1
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Our research demonstrates a similar focus on efficiency in local authorities in the
UK, as every manager we spoke to prioritised measuring efficiency in their pilots of
AI transcription tools.

As an example of measuring for efficiency, one manager wanted to test whether
social workers could use AI to relieve their administrative workloads, so that social
workers could move from one home visit per day to two.  Another chose to
measure the ‘lead time’ needed for writing assessments, to see whether the AI
transcription tool reduced the lead time. They also measured the number of
completed assessments to measure any potential reduction in waiting lists.

Managers also spoke of the pressures to evidence an ROI (return on investment)
or cost saving from the introduction of AI transcription tools, which they aimed to
achieve through improvements in efficiency.  Some local authorities used a level
of controlled testing to determine where these tools saved time compared to
status quo approaches. For example, conducting some tests on a sample of
transcripts produced by an AI transcription tool and comparing them to outputs
produced by social workers without using the tools.

Local authorities often prioritise evidence about time savings over other measures
of the suitability of AI transcription tools. One social worker explained that: ‘In
terms of the conversations we’ve had as a team, it’s more often been “how are you
using it?”, “what are you using it for”, and “how much time has it saved you?”, rather
than a quality aspect.’

Current evaluations of AI transcription tools do not adequately
confront systemic impacts or workers’ experiences in their
design

Researchers and policymakers with a stake in the successful adoption of AI in the
public sector have been calling for routine evaluations to measure the impact of AI
technologies in different contexts.  In our research, we find there is strong
appetite for internal risk assessment and evaluation of AI transcription tools, but
the introduction of evaluations in practice presents a more complicated picture.

Given the varying resources and capacity of the local authorities in our sample, it is
unsurprising that we found different degrees of evaluation. For example, one local
authority has their own evaluation group for social care tasked with assessing the
suitability and impact of AI.  Others rely on mechanisms already in widespread
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use for similar projects, like equalities impact assessments or data protection
impact assessments.

Generally, local authorities focus on what one manager described as
‘straightforward metrics’, like whether AI supported ‘decreasing workloads’.  The
same manager described some of the measurement challenges of this approach:
‘We have to use loose percentages because it’s not something that can be
measured from one social worker to the next.’

We also asked managers at local authorities piloting AI transcription tools whether
they adopted any externally published guidance to support their evaluations, such
as the UK government’s guidance for AI evaluations.  Most managers said they
had not used these resources.

The government guidance recommends performing experimental tests with
established counterfactuals where possible, but we did not find evidence of local
authorities performing such evaluations in this study, nor is it likely that local
authorities are equipped to conduct these.

One vendor of AI transcription tools said that they conduct customer evaluations
with individual local authorities, including working with authorities on their KPIs and
measurement goals for the evaluation:

‘Going back to theory of change, the time saving is the most straightforward one
that’s been well documented. That’s what the majority of these evaluations look at.

However, I think what’s trickier but more powerful, more important, more moving
more profound, is the impact on […] the social workers themselves […] if you did a
kind of longitudinal study or something over a much, much longer period of time,
you would see that it does affect things like retention, like employer satisfaction,

like the ability for a wider range of people to be able to go into social work as a
profession now.’ – Vendor 2

There are wider systemic implications surrounding the use of AI transcription tools
in critical decision-making contexts that evaluation metrics focused on efficiency
savings will not capture.

A manager from one local authority described their process of technology
procurement as including more ‘holistic assessment […] of dignity, humanity and
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autonomy’,  which they felt enabled questions about wellbeing and the future of
the profession to be brought into view.

There may be systemic effects on local authorities and the social worker
profession if AI use becomes more widespread, particularly if people’s roles are
changed significantly by the adoption of AI. Despite some local authorities actively
trying to allay fears about job replacement,  social workers told us they were
worried about the potential for AI transcription tools to change social work as a
profession,  as described by this interviewee:

‘There is a risk with AI that people lose their professional skills and analysis and
assessment. And because when people are really busy we always want to do

something that’s quicker or something that’s easier. I think there is a real worry that
[AI] will increase this. […] We shouldn’t be using it for analysis.’ – Social Worker X

Owing to inconsistent guidance within and between local authorities on the
appropriate use of AI transcription tools (see Insight 5 below), it is not clear how
much local authorities are monitoring and evaluating the impact of AI on the skills
and professional judgement of social workers.

The social workers that we spoke to had divergent views on AI’s likely labour
impacts, with some believing that AI could support some of the systemic
recruitment gaps in the profession,  while others believe it could eventually
replace some of these jobs.  Some believe human workloads will be maintained
to provide the ‘human in the loop’ function required by AI.

One social worker managing a team of junior social workers reported that they
were likely to introduce targets for case management because of the observed
time savings introduced by AI. They said: ‘I’m going to make seeing maybe between
15 and 18 people a month the target and that’s going to be the standard. And then
potentially, if that doesn’t happen consistently, I’ll then performance manage
people because we have to embrace this technology.’

These gaps in evidence collection have important implications for an ecosystem-
level understanding of the adoption of AI transcription tools in social work.
Incentive structures and the aims of vendor-led evaluations (see ‘Insight 1’) may not
always fully overlap with those of local authorities, social workers and the people
they support.
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We suggest that independent assessment of the efficacy and performance of AI
tools (in addition to, for example, the third-party evaluation conducted on Beam’s
Magic Notes) will be needed, alongside longitudinal research spearheaded by civil
society and academia, with support from local authorities to monitor long-term
impacts of AI on, for example, social workers’ professional judgements.

Most local authorities do not have a robust theory of change for
how to measure the impact of AI transcription tools on people
who draw on care

The ‘test and learn’ imperative among local authorities piloting AI transcription
tools has implications for how the impact on people who draw on care is
considered. Our research suggests that social workers are thoughtful about
introducing AI into meetings with the people they support (see ‘Insight 5’ below), by
asking for consent or only introducing AI in ‘lower stakes’ contexts, but they do so
largely using their own professional judgement about suitability.

One manager said that the ultimate goal for introducing AI would be to ‘improve
outcomes for people using care’ as well as improving the quality of work for social
workers,  a view shared by another manager who said their individual priority was
about ‘personal outcomes’ for people drawing on care.

However, overall, we found that most local authorities are not explicitly adopting
metrics or success criteria for AI transcription tools that support evidence
gathering on impacts on people that access social care. One manager explained
that they decided to pilot an AI transcription tool without a clear understanding of
the problems it would solve for people involved in the care system: ‘I’m always a bit
reluctant to sort of apply a solution to a problem you haven’t properly identified,
but this did seem like quite a good opportunity to just at least look at something, so
we agreed to a pilot.’

It is possible that local authorities make an assumption that efficiency gains or
raised quality will naturally result in positive impacts for people who access care,
as implied by one manager.

In this context, one manager said that, once efficiency savings from AI
transcription tools had been evidenced, they changed the focus of their pilot to
measure the frequency with which social workers used AI transcription tools.
The manager said that their focus on usage came at the expense of measuring the
impact of AI on the quality of care records made by social workers:
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‘The pilot itself focused on usage [of the AI transcription tool] and time saving, then
the metrics shifted towards usage. So, we’re trying to push [for] more adoption,

usage doesn’t really tell us anything, doesn’t tell us about the quality of work, the
quantity of work, anything like that. It just tells us people are hitting record more

often.’ – Manager Z

Only two local authorities extended their pilots to assess how AI transcription tools
impacted the quality of documentation that social workers made about people
who draw on care. One manager spoke of a desire to introduce an AI transcription
tool in their local authority to ‘raise the floor’  of official documentation like care
assessments, which they said varied in quality.

To measure this, they adopted the same quality assurance approaches used for
non-AI generated assessments (including random ‘dip sampling’  on
assessments uploaded to the local authority’s CRM systems). They found the
introduction of AI often did not raise the overall quality of the assessment and may
have introduced new problems such as unchecked hallucinations appearing in
official care records.

Another manager, at a different local authority, implemented a survey for social
workers undertaking the pilot which asked them to ‘score the quality of the write-
up [documentation] pre- and post-’ pilot. The survey found that before the pilot,
social workers’ documentation was ‘very brief, but with [AI transcription tool], it just
went so much longer and so much more [detail] was captured’.

Similar to measurements of efficiency savings, local authorities did not assess how
any changes in the quality of documentation engendered by the use of AI
transcription tools affected people who draw on care. Only one local authority in
our sample coordinated any public engagement or similar exercise to gather
attitudes towards AI transcription tools from people who access social care and to
use those to inform the shape and direction of the pilot (see ‘Insight 1’).

Overall, these findings show that while efficiency gains are a popular target metric
for introducing AI, there is not a clear or consistent articulation of how multiple
different goals can be operationalised together, or of how local authorities can
capture more granular detail about who benefits from productivity savings, and to
what degree, particularly as self-reported evidence about time savings can often
be overestimated.
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Implications for policymakers and practitioners

Our research shows that local authorities have developed approaches to
evaluation that best support their aims to improve efficiency within their social
care teams and to alleviate the significant resourcing challenges faced by the
sector. This is a laudable aim given the circumstances that local authorities face.

However, this means there is little evidence on the broader impacts of AI
transcription tools on the social care ecosystem, particularly impacts on the
experiences of people who draw on care. The concerns about deskilling which
were raised by social workers and the potential for harmful AI-generated
inaccuracies and misrepresentation to occur in official care records (see ‘Insight
4’) show that this is an important evidence gap.

However, given the significant resourcing challenges that local authorities aim to
alleviate with AI transcription tools, they are unlikely to be able to expand the
scope of their evaluations without additional support.

Civil society organisations, particularly those that represent people who draw on
care, could contribute impactful evidence on the attitudes towards and
experiences of AI transcription tools among different people involved in the care
system. Observational studies that can more accurately monitor how much time
people save through use of AI in administrative tasks may provide better quality
evidence.

The UK central government is in a good position to supplement local authorities’
evaluation efforts. Guidance surrounding metrics of success for AI transcription
tools, and the operationalisation of these metrics, could help to standardise
evaluation efforts across the local authorities.

Generating robust and generalisable evidence of the systemic impacts of AI
transcription tools across the social care sector will likely require dedicated
resourcing to specialised evaluations teams. We therefore draw attention to our
recommendation that the government create a What Works Centre for AI in Public
Services (see the ‘Recommendations’ section of this report).
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Insight 3: Almost all social workers report that using AI
transcription tools brings meaningful benefits to their
work, but they do not experience these benefits
uniformly

The majority of social workers we interviewed reported that the use of AI
transcription tools brings meaningful benefits to their work. Most of the social
workers were enthusiastic about efficiency gains from the reduction in time spent
on administrative tasks by using the tools.

Social workers also mentioned other potential benefits of AI transcription tools
that go beyond efficiency gains. Some suggested that automating note-taking with
AI transcription improves the relational quality of conversations they have with
people who draw on care and that AI-generated documentation includes more
details about people’s lives than the documentation they produce manually.

Social workers use AI transcription tools in diverse ways

Many social workers reported using AI transcription tools in different ways during
our interviews. Some only use specific features of these tools, while others use
them outside of face-to-face interactions with people who draw on care.

As discussed in the introduction to this report, AI transcription tools have two
separate features:

Most social workers in our sample use AI transcription tools to both transcribe and
summarise conversations with the people that they support. Social workers
construct these summaries in different formats to meet the documentation needs
of individual local authorities and different specialisms within social care.

Social workers that use Beam’s Magic Notes tool primarily summarise interactions
into documents for which their local authority had co-produced a specified

a transcription feature, which converts an audio recording of a conversation
into a written document that details what each speaker said

a summarisation feature, which produces an overview of the transcript that can
be customised and edited to meet the requirements of specific care records,
like Care Act assessments, that have strict requirements related to formatting,
structure and content.
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template with Beam (see ‘Insight 1’). Social workers then upload summaries of
conversations to their local authority’s case management system, where they are
stored for future use in decisions about people’s care.

Only using the transcription feature of AI transcription tools

Many social workers said they only use the transcription feature – and not the
summarisation feature – of AI transcription tools to generate official care records.
These social workers shared that they record and transcribe interactions, but
continue to create official documents manually, without AI. One social worker said:
‘I perhaps feel a little bit weird about AI generating a conclusion to a social work
assessment or report.’  The same social worker also described their intended
use of an AI transcription tool: ‘[It’s] quite clear-cut [in] that I just wanted it to be a
transcriber […] I wanted to do the job the same way that I have done the job since
always.’

Social workers that do not summarise their transcripts with AI are concerned that
the summarisation function of AI transcription tools removes their professional
judgement from documentation processes and infringes on their role as a social
worker.

One social worker explained how using AI to summarise transcripts would impact
the integrity of their work: ‘For me people are individuals and [to] churn out a Care
Act assessment using AI […] if that assessment was on me or a member of my
family, I would feel that was really lazy and not using the skills of a social worker.’

Only using the summarisation feature of AI transcription tools

Some social workers reported they did not transcribe live conversations using an
AI transcription tool because they did not trust the recording to accurately reflect
their conversations with people that they support. One social worker explained:
‘I just don’t think it would suit how I speak with people, it’s very much [a] casual
conversation that would be dotted around and to upload that, and get that as a
transcript, I don’t think would be useful to me.’

Other social workers said that they choose not to use the AI transcription function
because the act of recording a conversation could be unsuitable for people who
have particular health issues or have had negative experiences of being recorded
in police interviews (see ‘Insight 5’).
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Instead of recording a conversation, these social workers opt to make notes
manually during the conversation, either handwritten or typed. They then use the
transcription tool to summarise these notes after the conversation has taken
place.

Using AI transcription tools outside of interactions with people who draw
on care

To avoid active recording and transcribing, some social workers dictate their
observations after a meeting while driving in their car between visits. These social
workers then summarise the transcripts of their dictated notes to generate official
documents.

One social worker shared how ‘In my car on my way home, I will put [AI
transcription tool] on, and I will talk to it. And I will say I’ve just been on a visit to see
so-and-so; this is what they told me, they also told me this, I saw this, I saw that.’

Others prefer to only use AI transcription in tools in meetings where people
drawing on care are not present. A significant part of many social workers’
workloads involved attending, minuting and summarising meetings with other local
authority staff, or meetings with different public sector agencies, such as the police
or healthcare professionals, to document decisions made about a person’s care.
One social worker said that the use of the tools in ‘professionals’ meetings or
‘multidisciplinary teams’ is where ‘it’s been more helpful to me in my particular
role’.

Some social workers identified the technical limitations of AI for use in some of
their usual meetings with care recipients. For example, some AI transcription tools
can only record online meetings, which makes them redundant for face-to-face
meetings in people’s homes or in hospitals.

Other AI transcription tools cannot be used without a stable internet connection,
preventing use in places that do not have broadband access. In the above cases,
social workers only use AI to transcribe conversations with other professionals,
continuing to make notes manually during conversations with people who they
support.

The above evidence underlines the need for local authorities to be prepared for
social workers to use AI transcription tools in diverse ways and to anticipate the
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possibility of social workers developing new uses of transcription tools that meet
their own needs.
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More efficient documentation brings potential benefits for social
workers, but not all social workers experience efficiency savings

Social workers often have demanding workloads that require them to work
additional hours. Almost all the social workers that we interviewed emphasised the
support that AI transcription tools provide in reducing the amount of time they
spend ‘writing-up’  documents.

Social workers who reported only using the transcription   or summarisation
functions of their AI transcription tools also reported time savings, in addition to
those using both of the tools’ capabilities.

Reducing the time required to produce documentation has a profound impact on
some social workers’ work lives. Once social worker said that ‘it just changed
everything for me’ and described their AI transcription tool as ‘a proper game-
changer’.  Another social worker said that: ‘Now we use AI, I can’t imagine doing
my job without it.’

Social workers frequently gave estimates of the amount of time saved by their use
of AI transcription tools. Some interviewees stated that the tools reduce their
workload by ‘a few hours’.  Others reported more significant changes to their
working lives, with the tools reducing their workloads by ‘half ’.

However, each person benefited from the time that they saved with AI
transcription tools differently, according to their individual preferences and the
specific circumstances within their local authority.

Below, we describe the different ways that social workers benefit from the time
saved by AI transcription tools.

Improved work-life balance

Social workers emphasised their long hours to accommodate strenuous
workloads and highlighted the potential for AI transcription tools to improve their
‘work-life balance’  and work a ‘nine-to-five’  job.

This could allow social workers more time for their personal lives. As one social
worker explained: ‘I’ve got two young children, so it’s made significant difference to
me. Like, I’m not turning my laptop on at the weekend. I’m not turning my laptop on
late at night […] I would often find myself working till early hours in the morning.’
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Enhanced relationship-based practice

Some social workers reported using AI transcription tools to ‘spend more time’
with people who draw on care and ‘build better relationships’.  These social
workers felt that, before the use of AI transcription tools, their intense workloads
were preventing them from being able to ‘give time and attention to people’  and
‘getting to know what works for them’.

Maintaining effective relationships with people who draw on care is an essential
component of social work and is referred to as ‘relationship-based practice.’
The British Association of Social Workers advises that any time saved from using
AI tools ‘should be reinvested in relationship-based practice’.

This was the explicit interest of one social worker: ‘I’m particularly interested in the
use of generative artificial intelligence and thinking about ways that we can use it
mainly because I really believe that relationship-based practice is so important.’

Another social worker described how reducing their workload with AI transcription
tools strengthens their relationships and communication with children they
support. They explained that before AI transcription they could only contact
children about essential care needs.

After using an AI transcription tool, they have more time to allocate to ‘more
meaningful conversations’ that go beyond children’s basic needs to support them
in different aspects of their lives and provide ‘holistic care’.’  Another social
worker explained that their AI transcription tool enabled them to ‘spend more time
with the child, which is what we’ve struggled to do with social workers for a long
time’.

Improved job satisfaction

Many social workers stated that they were deeply dissatisfied with the heavy
administrative workload of their roles. They felt that spending so much time
producing documentation prevents them from spending time with people who
draw on care, which is what they are ‘paid to do’  and what they are ‘meant to be
doing’.
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One social worker said: ‘90 per cent of the time is writing and 10 per cent of your
time is doing what you’re passionate about, so it’s sort of like it’s weighing you down
because you don’t get the joy in your job as much as you would want to.’

Some interviewees also mentioned how AI transcription tools enable more time for
other tasks that they find rewarding, such as preparing documents for court.

Improved accessibility for neurodivergent and disabled social workers

We interviewed two social workers who requested a licence to use AI transcription
tools from their local authority, to support them with their access needs.

One social worker with ADHD explained that, before the use of an AI transcription
tool, they struggled with extensive documentation workloads compared to their
neurotypical colleagues. They also reported feeling unable to approach colleagues
for support due to ‘stigma’.

They were granted a licence by their local authority and found the features of the
AI transcription tool reduced their overall workload, which they described as ‘a
matter of survival’.

Another social worker who had some experience of using AI transcription tools
was, at the time of our interview, enrolled on a training course for a specialist
transcription tool to support them with their access needs. They anticipated this
new tool would support them to write documentation, which had previously been
challenging for them, as they have difficulties with memory loss and physical health
conditions.

They explained that the tool could potentially make social work easier for them
and their colleagues: ‘I can’t wait to have this dictaphone [transcription] tool
because I have health conditions, there’s quite a few people in my work [with]
health conditions.’

Reduced backlogs

Some social workers reported that the principal benefit of AI transcription tools
was to ‘reduce waiting lists’  for people who draw on care. Interviewees frequently
discussed how systemic challenges in social care, such as staffing shortages,
mean that people with care needs often do not have access to a social worker and
are assigned to long waiting lists.
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In this context, AI transcription tools allow some of the social workers to see more
people with care needs in a given amount of time: ‘Before [using an AI transcription
tool], say they saw six people a month, they’ll now see 25 plus people a month. The
difference is unbelievable.’

Moreover, some social workers reported that backlogs in the social care sector
mean that there are always urgent cases to attend to, but time saved with AI
transcription tools helps to allocate resources to people who need care that are
not necessarily the most vulnerable.

As one social worker described: ‘You’re prioritising tasks, you know, there’s urgent
things that need your response, but then there’s people that might ring you with
something a lot less urgent, but you know that they deserve a call back as well, and
I think the time saved will help us with those.’

Despite these different possible benefits, some social workers also described ways
they might be prevented from accessing efficiency savings through their use of AI
transcription tools. Factors specific to individual local authorities, such as
documentation processes or management decisions, often determine how social
workers use and benefit from AI transcription tools.

For example, some social workers said they do not experience time savings from
their use of AI transcription tools because the documentation processes within
their local authorities make integrating the tools too complicated. The format of
official care records, such as care plans and assessments, differs across local
authorities and social workers reported that using AI transcription tools for
complex documentation does not create efficiency savings.

One social worker explained that they, and their colleagues, struggle to use an AI
transcription tool for their authority’s care planning forms, which they find to be too
complex for AI to be effective.  Another social worker agreed, sharing how their
authority’s care assessments are too complex to easily copy the output of an AI
transcription tool into a case management system, which limits a significant
amount of time savings from using AI: ‘Our [care] assessment isn’t in such a way
that you can copy and paste at all, there’s a lot of dropdown boxes and things […] it
is a bit time saving but I wouldn’t say it’s cut down half the time.’

One social worker explained they are unable to save time through using an AI
transcription tool because their managers expect the level of detail included in
documentation to increase significantly following the rollout of the tool. This means
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that the social worker and their colleagues spend more time correcting and
improving AI-generated documentation than they save by transcribing
conversations.

The social worker explained: ‘We’re doing things because we can now, which we
wouldn’t have wasted time doing before. I’ve definitely noticed that my
assessments are longer since using AI, not shorter.’

Some social workers felt that they did not receive enough training from their local
authority to fully leverage the benefits of AI transcription tools. One social worker
said: ‘I think the training was an hour, if that, so I wouldn’t feel that I know the ins and
outs of [AI transcription] […] and I feel also from just reading like some of the emails
that we get each week, it just sometimes gets a bit confusing.’

Two social workers also said that their understanding of how they could use AI
transcription tools is limited because their intense workloads prevent them from
being able to practice using the tools in their work. They explained how ‘we are
much faster paced and don’t have as much time, so I’ve not been able to play
about with it as much’  and ‘it’s all about feeling your own way about, I think, and
what I think is a lot of social workers, like anybody, not just social workers, they
don’t have the time to be doing that.’

Similarly, many social workers felt that they have been unable to improve their
work-life balance with AI transcription tools because their local authority’s priority
is to reduce backlogs by automating documentation processes.

The social workers explained that the demands on their time are so significant that
any time saved through AI transcription was reallocated to work that would
otherwise be delayed, meaning that their overall workloads remain the same:

‘I would say my turnover is a lot higher. I wouldn’t say that I leave on time, you know,
dead on five [o’clock] or it’s [AI transcription] helped in terms of me leaving on time.
You know, the work is always still going to be there and the quicker you get through

the work, the more work that you’re allocated anyway.’ – Social worker J

Any potential work-life balance improvements following the introduction of AI are
dependent on local authority processes and the ability for social workers to
advocate for themselves at work.
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One local authority piloted an AI transcription tool with the explicit aim of
improving social workers’ work-life balance. The senior manager at the authority
said social workers are already ‘working above and beyond their contracted hours’
and that AI transcription tools should be used ‘to get them [social workers] back to
a reasonable work-life balance […] not just replace that time with more
assessments’.

One social worker also explained that their local authority has adopted a policy of
limiting the number of cases allocated to social workers, a result of their own self-
advocacy, which led them to improve their work-life balance with AI transcription:
‘[In the past] I would make myself anxious and have such a high caseload and
always be panicking. But about two years ago, I advocated for myself to ensure
that I had a balance, so that meant that the case allocations that I was getting were
at a [cap]. They’ve now capped it for all social workers in my borough.’

The mixed picture of realised benefits from AI transcription tools, particularly
efficiency gains, suggests that the experiences of social workers who adopt the
tools as part of the UK government’s broader plan for AI adoption will vary
significantly. As a result, it is unlikely that any productivity benefits of AI
transcription tools will be experienced equally across the diverse public sector
contexts where they are used.

Social workers report that AI transcription tools improve the
quality of their work, as well as efficiency

Recording all the information relevant for a person’s care can be challenging for
social workers who make notes manually from a conversation. Our interviewees
often felt that they are unable to ‘capture’  all the details of a person’s situation
through note-taking, because they are unable to write quickly enough or a large
amount of information is required for the relevant care records.

Many interviewees described how recording and transcribing a conversation with
AI transcription tools creates more detailed documentation than manual note-
taking, with the full meeting ‘captured in full detail.’  AI transcription tools help
social workers to record a person’s ‘situation to its fullest’, ‘far more in-depth’  and
‘with more accuracy’.

One social worker described this as a ‘weight off my shoulders’.  Another
interviewee felt that this allows them to record information that they might forget
otherwise:
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‘Even if it’s a little bit inaccurate, it’s mentioning stuff that you might have humanly
forgot. Like, even when I’m note-taking, I sometimes forget stuff.’

Prior to AI transcription tools, social workers felt ‘anxiety about the unreliability’
of the documentation they produced, but recording a conversation reduces the
pressure that social workers feel to capture conversations themselves.

Several social workers highlighted that prior to AI use, their interactions with
people could be hindered by manual note-taking. They said focusing on
conversations, recording information and exercising professional judgement
simultaneously was challenging. In one interviewee’s words, the burden of making
notes during a meeting feels like ‘doing four things at once’.

Similarly, the use of a laptop or notepad to make notes can also act as a ‘barrier’
to building relationships because it prevents a ‘free-flowing conversation’  or
makes people who draw on care feel as if they are being assessed. In the words of
one social worker: ‘When you’re sort of taking notes down at the same time as
trying to have a conversation, it feels [like] it’s not helpful in terms of trying to build
a rapport with someone.’

Social workers who raised these concerns explained how recording and
transcribing an interaction using an AI transcription tool allows them to be more
‘present’  in conversations because they are not ‘burdened down’  by the need
to make written notes while discussing sensitive topics.

As a result, social workers feel they can build better relationships because their
conversations become more ‘fluid’ and ‘natural’ when they are able to work
‘without the distraction of note-taking’.

Additionally, automated transcription creates capacity to notice details about
people’s lives that social workers feel they might miss when they take notes
manually, such as detail about people’s living conditions, body language or
relationships with family members.

Automating note-taking with the transcription function of AI transcription tools
helps social workers focus on this additional, often un-spoken, information. One
interviewee described this as being able to ‘observe and engage in the moment’.
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Another explained how this benefits people who draw on their care: ‘I think that
they’re probably going to have a better version of me if I’m not as weighed down by
administrative tasks. I can probably [be] much more available if I know that I just
need to be the speaker and the listener and I can actually engage with you.’

A different social worker described how they are able to pay more attention to
people’s body language and relationships with their family: ‘It would be a lot easier
because my eyes won’t be on this piece of paper and I’ll be able to focus on you –
looking at body language, looking at, you know, the dynamics if there’s other people
in the room.’

Implications for policymakers and practitioners

The evidence above shows that social workers can use AI transcription tools in a
variety of ways to improve their work. However, social workers experience
different benefits from the tools according to their individual needs and the
context of their local authority.

As a result, public sector bodies should be prepared to find new uses of, and
benefits from, AI transcription tools that they might not expect and conduct
iterative post-deployment evaluations to capture this.

Most local authorities are adopting AI transcription tools to achieve efficiency
savings (see ‘Insight 1’). Other than our interviews, there is little evidence about the
dynamics and trade-offs created by the benefits described above, both within and
across UK local authorities currently using AI transcription tools.

The process of determining the success criteria for AI transcription tools should
also include the perspectives of social workers and people who draw on care.
Without this, the deployment of new technologies can place affected people in the
position of experimental subjects, who are subject to a technology where the
benefits and risks are still emerging, and without much opportunity to input on
what the technology is supposed to achieve in their own work.

Insight 4: Social workers assume full responsibility for AI
transcription tools, but perceptions of the tool’s reliability,
accuracy and ‘human in the loop’ vary significantly

Due to the risk of random hallucinations or inaccuracies, using AI for
documentation in social care introduces an element of unpredictability, which
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could lead to harmful misrepresentations of people’s experiences to be entered
into care records.

Nevertheless, social workers assume responsibility for mitigating this
unpredictability and ensuring that any harmful inaccuracies or misrepresentations
of people’s experiences do not enter official records. Our interviewees explained
that accountability for AI-generated documents is a key part of their ethical
obligations as social workers.

Our interviews reveal that approaches to risk management vary, and
hallucinations are frequent.

What is ‘human in the loop’?
We use the phrase ‘human in the loop’ to refer to the process of a social
worker’s review – and potential modification of – the outputs of AI
transcription tools.  It is a salient concept in policy-related discourse. For
example, official government guidance, such as the AI Playbook for the UK
Government, recommends that public bodies have ‘human-in-the-loop
processes in place to validate output in situations with high impact or
risk’.
 
Many of the managers and experts in the design of AI transcription tools we
interviewed invoked the concept of human in the loop when discussing how
social workers might maintain accountability and professional judgement in
their use of AI transcription tools.

AI transcription tools challenge the principles of autonomy and
professional judgement that are central to social work

The social workers we spoke to describe a commitment to ‘the idea of the social
worker as an autonomous professional who has a code of ethics, who will be
standing up in court, who will be completing mental capacity assessments which
might be challenged by a judge’.

Some social workers discussed their concerns about reduced control over
documentation when using AI transcription tools. In a discussion about using the
summarisation functions of AI transcription tools to complete assessments of
people’s care needs, one social worker said that AI transcription had ‘crossed the
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line, I suppose, between it being your assessment and being, you know, AI’s
assessment’.

Another social worker described the need to find ‘the balance of using technology’
while also ‘maintaining our kind of autonomy and […] our accountability as
professionals’.

Social workers explained that they ensure the outputs of their AI transcription
tools reflect their professional judgement by reading through  and reviewing
the transcripts and summarised documents. One social worker described how
they encouraged colleagues to ‘read your work so that you can be fully
accountable for it’.

Social workers also considered whether using the outputs of transcription tools
without adequate human oversight reduces the amount of ‘professional
analysis’  they can exercise in their work. Other social workers described the use
of AI transcription tools without adequate oversight as lacking ‘critical thinking’
or a ‘human element’.

Local authorities have also designed the rollout of AI transcription tools so that
social workers are responsible for AI-generated documentation. One senior
manager involved in the procurement of AI transcription tools explained that:
‘Anything you’ve submitted to your line of business [case management] system is
audited against your name […] whatever you enter is your work.’

Another manager at a local authority said social workers should review the outputs
of AI transcription tools to the extent that ‘you could stand up in court and read this
out and feel okay about it’.  This manager explained how they ‘made sure that
people felt accountable for what they were writing up’  when using AI
transcription tools.

The vendors we spoke to shared how the tools are designed to ensure social
workers are fully accountable for their outputs:

‘When it comes to human in the loop […] we design the product so that experts, or
domain experts, are kind of accountable and responsible for all of the key points.’ –
Vendor 2
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Another explained they designed their tool so that social workers have to ‘sign off’
on a transcript:

‘We don’t allow the workflow to continue until it’s been through a review by the
social worker, right, so we see it very much as a tool to empower the social worker
[…] until they’ve reviewed it and approved it, nothing happens with it.’ – Vendor 1

As the design and implementation of AI transcription tools assumes social
workers’ accountability from the start, social workers are often not supported by
any additional quality assurance mechanisms within their local authority.

In this context, the management of technical risks associated with AI transcription
tools rests on individuals, who have received varying standards of training. Solely
relying on a social worker’s ability to spot inaccuracies, omissions and
hallucinations may not be sufficient to create faithful records with the support of
AI.

Our evidence shows that social workers’ approaches to identifying issues in AI-
generated care records vary and some potentially harmful misrepresentations of
people’s experiences are occurring in official care records.

Social workers have different understandings of the risks AI
transcription tools introduce into documentation

Unpredictability in the outputs of AI transcription tools can lead to harmful
inaccuracies being incorporated into official documents.  Research has shown
that AI transcription tools can generate text that promotes harmful perceptions
and stereotypes of people in a recorded conversation, which often have no relation
to the original recording.

The foundation models that power the summarising feature in AI transcription
tools can also produce biased outputs that would be harmful in social care
contexts. For example, one study of the use of foundation models to summarise
long-term care records from an English local authority found that some models
consistently downplay women’s health issues and needs compared to those of
men, with summaries about men much more likely to contain descriptors like
‘disabled’ and ‘complex’.

Some social workers described cases where AI-generated documents included
hallucinations that would have significant implications for the people they support.
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For example, one social worker recounted an instance where, when using an AI
transcription tool to create a summary, the tool had incorrectly ‘indicated that
there was suicidal ideation’, but ‘at no point did the client actually, you know, talk
about suicidal ideation or planning, or anything’.

The social worker emphasised that without appropriate oversight, this error could
impact the person’s care significantly: ‘If I hadn’t checked that and it had gone into
the case note […] that could have had implications further on down the road’.

The above case is a stark example of an AI hallucination. Social workers shared
more trivial instances of hallucinations. For example, some social workers
described inaccuracies appearing in AI-generated transcripts, such as foul
language or other irrelevant words and phrases. One social worker said:

‘I do think that AI doesn’t pick things up accurately at times so, you know, the [AI-
produced] sentence might be talking about, I don’t know, fish fingers or flies or

trees, and you might be talking about fighting at home, you know, like mum and dad
were fighting.’ – Social worker T

Social workers also stated that people’s names are frequently misspelt in AI-
generated transcriptions. Others raised concerns about inaccuracies in
transcriptions of conversations with people with regional accents.

One interviewee described how their AI-generated transcriptions often included
‘gibberish’,  with another retorting: ‘It’s become a bit of a joke in the office, what
are you going to be called on [AI transcription tool] today?’.

Another told us:

‘Any transcription that I’ve looked at from one of these meetings, I am in absolute
tears with laughter half the time because I don’t even have one clue as [to] some of
the […] what they’re saying. It is so badly transcribed, I find, and I think, again, I think

it’s to do with the language and understanding of the dialect.’ – Social worker K

As well as highlighting inaccuracies in AI-generated transcripts, some social
workers also shared concerns about the language used in documents produced by
the summarisation function of AI transcription tools. In social care documentation,
it is important to use language that centres the perspectives of people who draw
on care and to avoid complex, technical terms.
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However, multiple social workers that we spoke to described ways the ‘grammar or
the structure’  of AI-generated documentation differs from manually written
documents. This leads to official records produced by the tools being ‘very
academic and very formal’  and ‘not as person-centred’.

This poses a risk for both social workers and people who draw on care because
documentation has to be ‘readable and relatable’ for the person that it relates to in
case they ‘make a subject access request in the future’.  One social worker
described the use of AI-generated academic language in a child’s case records as
‘horrific’ and that social workers have ‘gone back a step’  in efforts to use person-
centred language in their records.

Some of the more subtle changes in the way documentation is presented,
including omissions in the transcripts, are likely to be much harder for social
workers to identify at the point of use.  Identifying such changes may require
additional oversight or research, either by other members of staff or third-party
researchers, such as comparisons between a large number of transcripts and the
counterfactual (documentation produced by a social worker without the use of AI).

Many social workers said they were concerned about risks from AI transcription
tools and emphasised the need to check the outputs of these tools thoroughly. As
one social worker explained: ‘We need to be really mindful of the risks within it, and
make sure that we try and mitigate them as best we can, and that relies on people
still putting that effort in and not […] becoming too lazy.’  Another social worker
said that their AI transcription tool was so risky that it was ‘not quite ready for
purpose’ and that they need ‘a backup plan’ .

However, a minority of the social workers we spoke to stated that the risks of using
an AI transcription tool are minimal and that ‘it doesn’t feel like there’s anything to
lose at the minute from using it’.  When asked about the risks of using the tools in
their work, one social worker said the only perceivable risk was that their local
authority’s IT system failed, meaning that social workers would be unable to use
the transcription tool and ‘get nothing done’  as a result.

Senior managers involved in the evaluation and procurement of AI transcription
tools within local authorities also shared significantly different views on the risks
that the tools create. Some managers described ‘loads and loads of risks’,  due
to inaccuracy and bias from the use of foundation models.
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Other managers suggested that the risks are less significant than those of other
applications of AI technologies. For example, a manager described one
transcription tool as ‘light-touch generative AI’, because in their mind it introduces
fewer risks than ‘fully generative AI’, (such as a general-purpose AI technology, like
ChatGPT).

They suggested a narrower AI transcription tool would be one ‘remoulding your
words and putting them into set headings [templates], it shouldn‘t be inventing
[words]’.  Another senior staff member said they felt the only risk from using an
AI transcription tool is that social workers ‘forget to switch it on when they’re in a
meeting and then they come out and they’ve not actually recorded anything’.

These differences in the perception of risks suggest that training and education in
relation to the use of AI transcription tools is not standardised across local
authorities or that some social workers and managers are able to access training
more easily than others.

Some social workers also use the tools outside of official pilots and rely on
colleagues or their own learning to understand how to use them (see ‘Insight 1’).
Local authorities could adopt AI transcription tools more safely if staff have
resources to educate social workers on relevant risks and mechanisms so they
can effectively mitigate these risks.

In our interviews, some social workers provided examples of errors or inaccuracies
from AI-generated documents entering the official records of people who draw on
care. One social worker said that care records can sometimes include irrelevant
information that distracts from a child’s care needs as a result of social workers’
use of AI transcription tools:

‘We’ve seen already examples where someone has had that conversation, not
really proofread it properly, it’s on the child’s file and we’ve got either wrong names
in there or we’ve got someone talking about their cat … [which is] not really relevant

for that child’s file or anything to do with the conversation that was happening.’ –
Social worker X

Another social worker said that the quality of some of their colleagues’ care
records is lower because of their use of AI transcription tools: ‘Sometimes when
I’ve read things or I read a care plan, and they have maybe cut and paste
something from [AI transcription tool] and it just … I can tell by the reading, a bit,
because it sometimes reads horrifically.’
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These examples suggest that the oversight of AI transcription tools is inconsistent
across the social care sector and errors are occurring official documentation
processes, with potentially profound consequences.

Approaches to reviewing the outputs of AI transcription tools
vary significantly and inaccuracies are likely to occur in official
care records

All of the social workers we interviewed said that reviewing the outputs of AI
transcription tools is a crucial part of their use of these tools. However, they
reported varying amounts of time needed for this review process. Some social
workers said they spend ‘an hour to fully go through a transcript and read through it
properly and pull out all of the information’,  while others said that their review
process took them ‘five minutes to literally just quickly screen it […] and then cut
and paste it onto the system’,  ‘two minutes’  or ‘ten to fifteen minutes’.  This
raises questions about the effectiveness of only relying on social workers to act as
the human in the loop to identify and correct issues in AI-generated care records.

There are currently no accepted standards in social care for how long social
workers should spend reviewing, particularly as different AI transcription tools may
require more or less time depending on their accuracy. Social workers told us it
was difficult for them to establish a team-wide standard for the optimal amount of
time needed to review transcripts or summarised documents.

One social worker explained that ‘a lot of people are [too] lazy to have to go
through the [output of the AI transcription tool] , but you actually need to read it
because you need to own it, and I think a lot of people just take it and [do] not
read.’  Another social worker suggested that their colleagues are too busy to
spend time thoroughly review AI-generated documentation: ‘We do need to be
checking it properly and I also know that when people are busy, that’s one of the
things that’s likely to fall off the wayside.’

Another way social workers’ oversight of summarised documents vary is their use
of prompts to make significant changes. As discussed in our explainer, the use of a
large language model (LLM) to power the summarisation function of AI
transcription tools also provides an interface for users to prompt the tool and alter
the final outputs.

Social workers said they prompt AI transcription tools to correct repeated
mistakes in a long document or make changes to the way information is presented.
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One social worker listed the ways they prompt the tool: ‘I can say actually, can you
take out any repetition? Can you tell me a bit more about this? Can you take out
the direct quotes?’

Another social worker reported prompting the tool to reformat official
documentation so that their AI-generated care documents are more ‘person-
centred’. This social worker explained that their AI transcription tool ‘put in all
these words that have not been said’.

By prompting the AI transcription tool to make [the summarised document] ‘more
as the conversation went’,  they can ensure they accurately reflect the
experiences of people who draw on their care.

Some social workers did not mention using prompts while reviewing. Two reasons
for this could be that social workers are either unaware of prompting as an
approach or are uncomfortable using prompts without further training.

One interviewee said that it has taken time for social workers to feel comfortable
using prompts in their work: ‘The thing is about practising your prompts […] getting
your prompts right and I think initially it’s taking a bit more time to do it.’  Another
social worker said that while other members of their team felt able to prompt the AI
tool, they do not feel comfortable doing so without further training.

The evidence above shows that there is no shared understanding of the amount of
effort required for social workers to act as an effective human in the loop, or the
methods they should use to perform this function. As a result, social workers have
to make their own judgements on the appropriate oversight of AI transcription
tools for their practice, in response to gaps in training and guidance.

Implications for policymakers and practitioners

More evidence is needed on the impact of AI transcription tools on the validity and
consistency of social care records so that local authorities can support social
workers to use these tools safely. Currently, social workers are balancing complex
and unclear risks with limited guidance in order to use these tools in their work.

Social workers assume this responsibility as part of their commitment to
accountability (an ethical principle of social work) and as an aspect of their
professional judgement. The role of social workers as ‘the final piece of the
equation’  is further reinforced by how vendors and local authorities position
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social workers as a human in the loop during their design and implementation of
these tools.

However, a recent survey of social workers found that only 57 per cent of
respondents feel confident using AI lawfully, ethically and responsibly, in
accordance with Social Work England’s professional standards.

We find the training and support that social workers receive varies significantly. As
a result, their understanding of the risks of AI transcription tools, and the amount of
oversight required to mitigate these risks also varies. The social workers we
interviewed reported how inaccuracies are occurring in care records produced
with AI transcription tools, in part due to inconsistent oversight.

It matters that social workers are attuned to the risks of AI hallucinations, as any
errors inserted into official documentation may create significant challenges to
rectify later. The amount of time and care required for oversight will also depend
on context; for example, a higher degree of oversight will be required for AI-
generated material concerning safeguarding contexts than for an internal team
meeting.

Some of our interviewees suggested that social workers’ oversight of AI
transcription tool outputs worsen when they are under pressure at work. This
points to a risk that the introduction of AI could help social workers produce work
at a faster rate, but of lower quality. Additional support for social workers and a
redistribution of accountability for errors will support the safe adoption of AI
transcription tools.

Evidence shows there are potentially far-reaching impacts of inaccurate or biased
outputs from AI transcription tools in consequential decision-making contexts.
Inaccuracies in care records could impact decisions made about people’s care in
statutory contexts, leading to incorrect decisions being made. However, the
prevalence and saliency of AI-generated inaccuracies in social care
documentation is currently unclear.

Inaccurate records could also directly impact the experience of people who draw
on care, as records of interactions with social workers can help people to
understand significant events in their lives and seek redress when things go
wrong.
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Moreover, social workers could face professional or legal repercussions for
inaccuracies that stem from the transcription and summarisation functions of AI
transcription tools.

More evidence on the impact of AI transcription tools on the creation of
documentation in different contexts, along with guidance from government and
regulatory bodies, will support social workers to make decisions about their use of
AI transcription tools.

Insight 5: There is no consensus on when it is appropriate
to use AI transcription tools in social care
As AI transcription tools are introduced across the social care system, the
implications of their use will vary in ways that are currently challenging to
understand, due to the lack of systematic evaluation of the impact on people who
draw on care (see ‘Insight 1’). This has implications for how social workers and the
people they support experience the use of AI transcription tools as well as the
aggregate impact of these tools.

Local authorities and individual social workers have differing attitudes to, and
perceptions of, the risks associated with the use of AI transcription tools in social
care (see ‘Insight 4’). At the time of writing, regulatory bodies in the healthcare
sector have published specified requirements that AI transcription tools need to
meet for practitioners to use them in clinical settings  and developed a national
registry of self-certified suppliers of AI transcription tools for healthcare.

NHS England has said that ‘the use of non-compliant solutions [AI transcription
tools] poses a risk to clinical safety and security’.  Similar regulation does not
exist for the use of AI transcription tools in social care. This creates a confusing
situation where standards and oversight relating to the use of AI transcription tools
by social workers vary significantly across, and within, local authorities.

Some local authorities have banned the use of AI transcription tools in contexts
where they think the tools pose excessive risks, as have some police services that
support social care processes. However, many local authorities have no
restrictions on the use of AI transcription tools and delegate decisions to individual
social workers.

Standards and guidance from central government could help local authorities to
adopt AI transcription tools more uniformly, with adequate measures in place for
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contexts where these tools create unacceptable risks. Similarly, additional support
and training relating to the risks of AI transcription tools could help social workers
to make more informed decisions about their use.

Local authorities and other organisations involved in social care
are still learning when and where AI transcription tools are
inappropriate

Our interviewees explained that the risks associated with AI transcription tools
(see ‘Insight 3’) changed according to the context in which they were used.
However, interviewees’ perceptions of risk, and their approaches to mitigating risk,
vary significantly.

Managers at different local authorities described their approaches to mitigating
the risks of AI transcription tools. One manager explained that their local authority
prohibited the use of AI transcription tools for generating statutory documentation,
such as care assessments in adult social care, in the second phase of their pilot.

Instead, social workers were only able to use AI transcription tools for creating
documents supporting voluntary processes. The manager and their local authority
made this decision because of concerns around the accuracy of AI-generated
documentation, and how this might differ across social groups, identified in the first
phase of their pilot.

They explained that the authority did not ‘understand its [AI transcription tool’s]
accuracy well enough […] we want to kind of think about, you know, what biases are
there in these large language models, do they work effectively for everyone that we
work with, whether they have a learning disability, lack mental capacity or, you
know, speak English as a second language?’

They then said that uncertainties about accuracy could lead to decisions about
people’s care being influenced in unpredictable ways: ‘If you’re using [AI-generated
documentation] for statutory assessments, you are essentially influencing that
process where you’re making a statutory decision about someone without fully
understanding the implications of them.’

However, not all local authorities shared these concerns about the downstream
impacts of inaccurate AI-generated documentation on care decisions. One
manager at a different local authority said that there were no contexts in social
care where it would be inappropriate to use an AI transcription tool: ‘Given the
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robustness of the data management around it and the quality of the recordings, I
would think for me personally, I think if people have consented, then I can’t think
when it wouldn’t be appropriate to use it.’

Other managers said that social workers themselves were best placed to make
decisions about where the use of AI transcription tools is appropriate or not. One
manager explained that ‘culturally these tools are new, there’s a very limited
understanding of how we manage them’.

To navigate this uncertainty, the manager delegated decisions about where and
when to use AI transcription tools to different social care teams: ‘What I have tried
to do is get the tool in the state where it’s very adoptable and then hand it over to
teams and managers to say what’s your improvement plan, how do you embed it
into your processes?’

Uncertainty around where and when social workers should use AI transcription
tools can also create issues in multi-agency contexts, which are subject to
different policies and regulation. For example, multiple social workers described
instances where they are unable to use AI transcription tools to transcribe
meetings with specific police services that prohibit their use.

One social worker said that for ‘child protection [CP] plans and as part of the CP
conferences, the police have to be there and someone from health – at the
moment there’s a pause on [AI transcription] being used because the police are
basically saying they’re not consenting’.

Another described the picture as more varied: ‘Some police forces won’t let me
use Copilot, so depending like where they are, some say no, others just are fine with
it.’

Inconsistencies in guidelines around the use of AI transcription tools mean that
social workers are creating AI-generated documentation for different purposes
across and within local authorities.

As a result, it is possible that statutory documents that inform decisions about
people’s care and may later be used in court proceedings could contain the kinds
of inaccuracies discussed in ‘Insight 3’. This may introduce a critical risk to
processes where the veracity of written records is key to making accurate and
informed decisions to support people who draw on care.
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It is likely that human error or omission can also contribute to these inaccuracies,
so there is potential for wide variation in the quality of documents informing
statutory decisions. There are many open value-laden questions about the
acceptability of error in human-generated information versus AI-generated
information, as well as practical questions about how to scale comparison of AI-
generated information to the baseline of human transcription.

All these factors may entrench inequalities in care services and contribute to
potential procedural injustice.

Social workers make decisions independently about where the
use of AI transcription tools is inappropriate

In the absence of consensus about where social workers should or should not use
AI transcription tools, social workers described navigating complex decisions to
manage risks when using these tools in interactions with people, especially in
contexts where the technical risks are exacerbated.

For example, some social workers stated that the transcription function of their AI
transcription tools had in the past performed poorly on audio recorded in
environments with multiple people speaking at the same time, meaning the AI
transcription tool did not transcribe information accurately and instead incorrectly
attributed sentences to different speakers.

One social worker explained that ‘it’s very difficult when you’ve got […] four family
members talking at the same time and shouting over each other, so I think it’s just
about you judging when you think it’s appropriate to use and when you think it
would work’.

Another social worker described how they avoid using AI transcription tools in
hospital wards, over concerns that the tool could transcribe other people’s
conversations and include them in the final transcript:

‘I think about the context of when to introduce it and how to introduce it, and I think
of where I was going to actually place myself […] I would be very, very careful about

trying to do that in a side room and not on the [hospital] ward, so it didn’t pick up
any other information.’ – Social worker E

Social workers also said they determine whether transcribing conversations with
AI transcription tools is appropriate according to the contexts and needs of the
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different people who draw on their care.

One social worker who supports people with mental health conditions described
their decision not to record conversations with people with particular complex
needs: ‘If they suffer from paranoid schizophrenia or anything like that, that could
be very threatening for them, so I certainly wouldn’t be bringing that [AI
transcription tool] out in those cases.’

We also heard multiple accounts of people who had past experiences of police
interviews that made them uncomfortable with the recording process. One social
worker explained: ‘Some of them [children] felt like it was then a police interview,
for some of our young people that have come into contact with the police, and
that’s obviously not been a positive experience for them. We’re then coming and
saying we’re going to record this conversation, that, I think, feels quite intimidating
to them.’

Implications for policymakers and practitioners

Our evidence shows that using AI transcription tools safely requires people at
varying levels of seniority to make decisions about where these tools might create
an unacceptable risk of harm. The factors determining these decisions include the
saliency of risks in different parts of the social care system, the technical efficacy
of AI transcription tools in different environments and the needs of people who
draw on care.

In multiple local authorities, social workers are currently responsible for making a
judgement about when and where AI transcription tools pose excessive risks, and
for who. This could impede social workers from fully benefiting from these tools or
expose the already vulnerable to harm.

Guidance from central and local government, which is drawn from evidence, on
where the risks of AI transcription tools make them inappropriate in specific
contexts could help to create more consistent experiences across the social care
sector. It could also reduce the responsibility placed on social workers to navigate
the complex questions surrounding the use of this technology.
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Recommendations

Our conversations with social workers and managers at local authorities using AI
transcription tools underscored the varying ways that the use of these tools can
impact social care. Social workers were keen to emphasise the benefits that the
tools brought to their work, particularly the time saved writing care records.

At the same time, the evidence presented in our five insights shows that there are
significant differences in how AI transcription tools are used and monitored across
and within various local authorities. This could exacerbate existing inequalities and
other harms in care delivery.

In this section, we provide recommendations based on our insights. We recognise
that these insights will not reflect the realities of AI-assisted social care for all
social workers at all local authorities in the UK and further research is needed to
explore these dimensions. However, our insights show that there is a clear need for
standardised oversight and guidance on the use of AI transcription tools in social
care.

The UK government, civil society and regulators operating in the social care sector
have an opportunity to support local authorities with the necessary infrastructure
and resources to safely adopt AI transcription tools and navigate the complex
sociotechnical questions that arise from the use of these technologies. Consistent
and coordinated evaluations of AI transcription tools across different social care
contexts are the first step.

Recommendation 1: The UK government should require
that local authorities record their use of AI transcription
tools through the Algorithmic Transparency Reporting
Standard

The UK government should mandate that local authorities record and publish
where AI transcription tools are used in social care. This should include information
on the local authorities that use AI transcription tools, the kinds of tools they use
and the kinds of AI-generated documentation created.
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We recommend the government extends the Algorithmic Transparency Recording
Standard (ATRS),  the mandatory record for central government departments to
record their use of AI technologies, to local authorities. Recording AI technologies
with the ATRS is currently only voluntary for local government.

The government is currently reviewing the impact of the ATRS. The insights
surfaced in this report suggest that the ATRS should be extended to local
government because their adoption of AI transcription tools meaningfully impacts
accountability and changes the way social workers make decisions about people
who draw on care. Previous research from the Ada Lovelace Institute underscores
the strong relationship between transparency and trustworthiness.

It is important that the government also acts in the short term to improve
transparency around current uses of AI transcription tools in social care, given that
implementing changes to the ATRS will likely take time. For example, the
government should mandate for AI-generated care records to be clearly
identifiable with a ‘watermark’ signifying that the document was produced using AI,
to distinguish them from records that social workers have written manually.

This would support people involved in decisions about people’s care, such as
judges, to identify when statutory care documents have been generated in-part or
wholly by AI, making it easier to apply the appropriate level of scrutiny to AI-
generated records and potentially reducing the impact of inaccuracies on care
outcomes. It would also support people who draw on care to seek redress when
incorrect decisions are made based on inaccurate records.

Recommendation 2: The UK government should extend
its pilots of AI transcription tools to include various
locations and public sector contexts

Our evidence points to the relative success of the fast-paced adoption of AI
transcription tools in social care. Local authorities have worked quickly to ‘test and
learn’ the suitability of AI transcription tools. It is likely that AI transcription tools
can be considered a success story for the AI Exemplars programme in the
government’s wider ambition for AI rollout.

If the UK government wishes to capitalise on this success, it should make funding
available to support local authorities to introduce AI transcription tools via pilots in
other frontline service delivery contexts.
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The government should also continue to coordinate emerging research and
development around AI transcription tools and disseminate this towards local
authorities. Existing projects exploring the piloting and evaluation of AI
transcription tools offer a good foundation for this work. For example, the Local
Government Association (LGA) conducted a pilot and evaluation of the Incubator
for AI’s (i.AI) Minute transcription tool co-produced with 22 local authorities, which
may provide a methodological blueprint for further evaluation at scale.

The LGA and i.AI are well placed to extend this capacity and conduct further
evaluations to gather new evidence about Minute’s impacts, or a pilot of another AI
transcription tool, such as Magic Notes. Such evidence gathering will support local
authorities to make decisions about their use of AI transcription tools in the short
term, while the government scopes potential models for a What Works Centre for
AI in Public Services as a long-term solution to current evidence gaps (see
‘Recommendation 3’).

Local authorities should include evaluation metrics in their full procurement
processes when procuring AI transcription tools and require evaluation evidence
from multiple teams (for example, separate evaluations from both the LGA and
i.AI) to enable robust evidence gathering and informed decision-making.

We recommend that all future pilots of AI transcription tools adopt qualitative
evidence gathering. This can follow some of the mechanisms used by local
authorities in our study and include focus groups and qualitative interviews
iteratively across the pilot time span.

It is also critical that impacted people and communities can meaningfully
participate in evaluations of AI transcription tools in other contexts. For example,
for a justice application, this would include both legal officials and people with
experience of the justice system.

Recommendation 3: The UK government should set up a
What Works Centre for AI in Public Services to generate
and synthesise learnings from pilots and evaluations

Our evidence on the use and adoption of AI transcription tools in social care
surfaces a similar lack of knowledge-sharing as previous adoptions of AI systems
in the public sector.  We therefore reiterate our call for the government to set up
a What Works Centre for AI in Public Services.  What Works Centres are an
important interface between research and policymaking, bringing together
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evaluation professionals to explore decisions for people and society.  Existing
What Works Centres have various responsibilities and mandates within their
respective sectors. Some have regulatory functions through the publication of
guidelines and standards. Some centres generate their own evidence and some
focus on evidence synthesis and dissemination.

Following existing models and using transcription tools as an initial focus, a
potential What Works Centre for AI in Public Services could support the safe
adoption of AI transcription tools in social care through three functions.

First, the collation and dissemination of evidence from AI transcription tool pilots in
the social care sector to create consensus on the capabilities and risks of these
tools across local authorities.

Second, offering dedicated resources for longitudinal studies of systemic impacts
of AI transcription tools to fill an important evidence gap that local authorities are
currently struggling to address. An institution with the capacity to conduct
longitudinal research, and with a degree of distance from the application context,
will better enable evidence gathering of any distributional impacts of AI tools, for
example at the level of industry or demography.

Finally, the What Works Centre for AI in Public Services should act as an authority
to determine best practice in the evaluation of AI transcription tools, helping local
authorities to navigate the complicated landscape of existing approaches to
evaluation.

As a first step, the government should scope the most appropriate model for a
What Works Centre for AI in Public Services and determine its function in relation
to incumbent regulators and research institutions, as well as centres like the
proposed Centre for AI Measurement.  This scoping work should be conducted
alongside the short-term aim of expanding pilots of AI in public services through
existing mechanisms (see ‘Recommendation 2’).
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Recommendation 4: A coalition of researchers,
policymakers, civil society and community groups should
collaborate on research on the systemic impacts of AI
transcription tools

The adoption of AI transcription tools in social care will have systemic impacts for
social workers (as frontline users of the technology) and for people who draw on
care, in ways that are currently underexplored. Further evidence gathering will be
vital to monitor these effects and to support policymakers to make more informed
decisions about the introduction of AI transcription tools in other domains.

Academia and civil society should explore studies of the impacts of AI
transcription tools in the social care sector, which could also supplement the
evidence provided by short-term pilots. These studies could examine the
consequences of AI transcription tools for social workers’ workflows and
professional development, or examine whether care outcomes have been
impacted by inaccuracies created in care records.

Longitudinal research that monitors AI transcription tool performance over time is
also likely to be critical, as well as economic analysis exploring the future of work in
social care and the impact of AI adoption on skills, development and vacancies.

This research should also meaningfully involve social workers, their union
representatives and people who draw on care. This could include running public
participation and deliberation projects. Ada’s research on biometric data provides
a potential model for this.  The Citizens’ Biometrics Council took evidence from
experts with different perspectives on biometrics and used that evidence as the
basis for deliberation by members of the public. The council then developed
recommendations which reflected their tolerance and red lines. Members of the
council have since been reconvened to support the Information Commissioner’s
Office (ICO) with its guidance.

Research funders should ring-fence funding opportunities for researchers
exploring the systemic impacts of AI transcription tools in social care and other
critical frontline contexts, to support the ongoing delivery of this focus.

Recommendation 5: Social care regulators and local
authorities should work with other sectoral bodies to
produce guidance for the use of AI transcription tools in
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statutory processes and formal proceedings, with clear
accountability structures
Our research clearly highlights the potential dangers of AI-generated inaccuracies
being inserted into statutory documentation about people’s care, which could then
be used in court proceedings. Getting safeguards and accountability right is
essential for the use of AI transcription tools to be seen as legitimate by the
public.   We support Research in Practice’s recommendations to Social Work
England to clarify the duties of social workers and clarify who is responsible for
monitoring ethical and legal conduct when using AI.

Relying on the status quo practice of social workers assuming responsibility to
identify issues or inconsistencies may prove insufficient, particularly if the degree
of information produced as part of assessments increases because of AI
transcription tools. This means social workers need to be supported with training
and other guidance to review material produced by the tools before it is used in
formal proceedings.

It is likely a body with appropriate convening capacity could support the creation
and dissemination of such guidance, such as the LGA. Local authorities should
facilitate access to training on generative AI tools (including transcription tools) for
employees, regardless of their participation in an active pilot or other directive.
This would ensure that employees who might want to experiment with AI tools in
their work and develop skills have clear policies and instructions that provide
appropriate guardrails – for example, on potential incidence rates for
hallucinations and how to address them.

However, local authorities should be clear-eyed about the limits of more effective
‘human in the loop’ and other proposals targeted at individual practice, where it is
likely additional internal and independent quality assurance will be required to
ease the accountability burden on social workers.

In formal proceedings, it is critical there is end-to-end accountability structures
that support actors working in decision-making contexts, such as judges in the
family courts. We recommend there is a review and resulting guidance for
professionals such as magistrates and judges, and for mediating bodies such as
the Children and Family Court Advisory and Support Service (CAFCASS), on
procedures to identify and query any material produced by AI that is suspected to
be unreliable.
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We also recommend that Social Work England and the Scottish Social Services
Council (SSSC) should support social workers to navigate this new environment.
They can do this by conducting an analysis of the risks that are not covered in
existing guidance, particularly as they pertain to accountability and professional
judgement, and by creating additional safeguards and accountability measures to
fill these gaps. This could also include updating their professional standards to help
social workers maintain discretion and integrity when using AI in their work.

To leverage the expertise of people with lived experience of social care and to
ensure their perspectives are included in policies and guidance, an advisory board
that influences policy decisions on AI in social care should be established. This
could take a similar approach to the Family Justice Young People’s Board,  a
board of children and young people with lived experience of the family justice
system that supports national and local government bodies to make decisions
about the family justice system in England and Wales.

Recommendation 6: The UK government should create
and disseminate context-specific evidence about the
contribution of AI to cost savings and productivity

Our research points to the need for grounded, context-specific evidence to be
generated about the impacts of AI. Our interviews with social workers highlight the
nuanced ways the implementation of AI tools can change frontline public services
and how context-specific factors, such as pre-existing work processes, can
influence how workers use AI tools.

The UK government’s current plans for the adoption of AI tools in frontline services
often extrapolate the findings from one pilot across multiple contexts, particularly
in relation to expected efficiency savings. For example, the government’s 10 Year
Health Plan for England uses the findings from a London pilot of AI transcription
tools to estimate the impact of these tools on emergency departments across
England.

The government’s estimates of potential cost savings stemming from the use of AI
tools to automate public service delivery similarly extrapolates estimated
efficiency savings from the use of AI in the civil service to the whole of the UK
public sector.

Recognising the heterogeneity in the branches of the public sector that are
currently experimenting with AI tools, the UK government should generate or
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commission more evidence on the impact of AI tools in public services in a way
that accounts for the different contexts, workforces and services that constitute
the UK public sector.

Forthcoming research by the Ada Lovelace Institute will further explore and
disambiguate claims around the causality between efficiency savings and
productivity gains.

In the meantime, the government should advance a more robust evidence base for
productivity savings stemming from the use of AI tools, consisting of granular,
rigorous mixed-method and multi-team evaluations of AI technologies in different
contexts.

Elements of the evaluation of an LLM tool designed to classify themes from free-
text public consultation responses, conducted by the Department for Transport in
partnership with the Alan Turing Institute, could be instructive.  This evaluation
made use of experimental methodologies, including an empirical exploration on
the appropriate degree of ‘human in the loop’ for the context. It involved a ‘blind’
technical evaluation of independent LLM performance and a non-blind live pilot
evaluating how well the LLM performed with human testers.

This two-step process provides opportunities for organisations to uncover how
well the AI system performs (particularly compared to performance claims from
developers or other researchers) and how well the system works in the intended
context, according to human preferences and needs.

Any evaluation design should be supported with qualitative methodologies that
involve impacted communities to better understand whether AI interventions are
evidencing metrics like quality and wellbeing, in addition to cost savings.

Recommendation 7: Local authorities should specify
their theory of change when procuring AI transcription
tools to ensure shared understanding among staff and
users
Most of the social workers and managers we interviewed identified that their
employing local authority had piloted or made available transcription tools to ease
resource constraints in social care. However, the wide range of uses of the
technology, and the differing awareness of appropriate policies and safeguards,
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means that social workers’ use of AI transcription tools can lead to unexpected
benefits and risks.

Local authorities should ensure they adopt clear strategies of communication
about their theory of change for the introduction of AI transcription tools. This
might be created, recorded and disseminated in a mechanism such as an impact
assessment, which can complement other existing obligations like data protection
and equalities duties.

This will signify to both frontline users of the AI tools and the wider staff body that
leadership have designated themselves as the owners of ethical responsibility and
will adopt a spirit of openness, transparency and communication for
trustworthiness and buy-in. An impact assessment could also be made public to
inform understanding and awareness for local authority residents and other
people likely to be affected by the rollout of AI transcription tools.
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Conclusion

Our research reveals that AI transcription tools show considerable potential for
social workers and the social care sector. The sector is currently facing significant
challenges which require multiple solutions. We find evidence that AI transcription
tools create time savings for social workers, which may go some way in making a
resource-scarce sector more efficient.

At the same time, it is clear there is a great risk of inaccurate AI-generated
information finding its way into official care records, which may entrench
inequalities for people who draw on care. The introduction of AI also alters the way
accountability is structured between social workers, care recipients and the state.
To this end, we also urge social care regulators to review existing statutory
processes and formal proceedings in the advent of AI.

At this juncture, it is vital that central government, regulators, civil society and
affected communities collaborate actively with local authorities to incentivise
meaningful evaluations of AI transcription tools in social care and other public
sector bodies. These evaluations will inform the guidelines and standards
necessary for the safe adoption of AI transcription tools, particularly in public
sector contexts where frontline workers are using these technologies to support
critical decision-making.

Evaluations should bring the goal of public benefit firmly into view, so that decision-
makers can demonstrate trustworthiness and confront the question of whether
the introduction AI is in the public interest. Our vision for the long term is that a
robust ecosystem of assessment, oversight and piloting will help ensure that AI
transcription tools deliver on their promises for people and society.
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About the Ada Lovelace Institute

The Ada Lovelace Institute was established by the Nuffield Foundation in early
2018, in collaboration with The Alan Turing Institute, the Royal Society, the British
Academy, the Royal Statistical Society, the Wellcome Trust, Luminate, techUK and
the Nuffield Council on Bioethics.

The mission of the Ada Lovelace Institute is to ensure that data and AI work for
people and society. We believe that a world where data and AI work for people and
society is a world in which the opportunities, benefits and privileges generated by
data and AI are justly and equitably distributed and experienced.

We recognise the power asymmetries that exist in ethical and legal debates
around the development of data-driven technologies, and will represent people in
those conversations. We focus not on the types of technologies we want to build,
but on the types of societies we want to build. Through research, policy and
practice, we aim to ensure that the transformative power of data and AI is used
and harnessed in ways that maximise social wellbeing and put technology at the
service of humanity.

We are funded by the Nuffield Foundation, an independent charitable trust with a
mission to advance social well-being. The Foundation funds research that informs
social policy, primarily in education, welfare and justice. In addition to the Ada
Lovelace Institute, the Foundation is also the founder and co-funder of the Nuffield
Council on Bioethics and the Nuffield Family Justice Observatory.

Find out more

Website: adalovelaceinstitute.org

Bluesky: @adalovelaceinst.bsky.social

LinkedIn: Ada Lovelace Institute

Email: hello@adalovelaceinstitute.org

https://www.adalovelaceinstitute.org/
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